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IIpoioyog

H mapovoa ntuyioxkn epyoasio mpaypatomombnke oto Avdrtato Texyvoroyikd
Exrodevtco Topvpa Avtikng EALGdag, oto tpunqua Emxyetpnuotikod Zyedtospov kot
[Tnpooplaxdv Xvotudtov oty [dtpa.

2TOY0C QVTNG TNG TTLYLOKNG EPYACiag elval 1 dOnpiovpyia eVOC EAMANVIKOD
gyyepdiov yia 1o Tpodypoppa R pe pio pedétn nepintoong.

®a Nfera va evyopiomom To emPAémovia kabnynt pov Ap. Kovoertavtivo
Kovvetd o 610106 ple TO EMGTNUOVIKO DMK TOV LoV TOPOYDPNCE, TNV VITOLOVI] TOV,
T1G GLUPOVAEC TOL Kot To. GGa Lov didaée pe fondnoe mhpa TOAD yio vo oOLoKANpwOEl
1 TTUYLOKN EPYOGTiaL.

Axoun, 101aitepeg evyaplotieg 0peilm 0TOVE GLUEOITNTEG LoV MmapAopmd
Maopyoapita, Totykov Mapiréva, ITaraddakn Avopéa, Axtomn Ayyein ko [Tikivéxn
NoatoAia yo v Bondeta Tovg 6TO VPOG YPUPNG OTOL HIVETE GTNV TTLYLOKT KoL TNV
oTHPIEN TOVG.

TéNog, EVYOPIOT® TNV OIKOYEVELD OV IOV GE TOGO OVGKOAES OIKOVOLLK(L
emoyég ne ompiav Kot cvveyilovv va pe otpilovy 6T GITOVSES LLOV.



Iepiinyn

H mapovca mruylokn epyacio mapovotdlet Evo EAAVIKO €yYEPIOL0 Yo TO
npoypoppa R pe po pedétn mepintoong 119 dedopéva ylo emtyelpnoelg amd tov
KAAOO0 TOV TAUGTIKMOV KL TOV YNUIKOV.

Apyikd, Tapovoidlete To mepPdriov epyaciag Tov TPoypauptaToc R, dniadn
10 TG Aertovpyel. To i khvel 1) kGBe evioA amd T0 TEPIPAALOV TOV TPOYPAULOTOS
aVTOV, TOG amobniedoval Ta dedopéva, Tt eivar ot BipAtodnkes ko Tapovsialoviot
O OVOALTIKA 01 BIPAI0ONKES TTOL YPNCLOTOIOVVTOL GE AT TNV UEAETN TEPIMTOONG,.

211 GVVEXELD, TOPOVGLALETE e TOEG EVTOAEG EPPOVIOVTOL TOL CTOTIGTIKA
GTOLXELR KO Ol UM YPOULIKES LOPPES TMOC YIVOVTOL YPOUUULIKES.

AxOunN, INUovpyeite TOAAATAO YPOLUIKO DTOSELY O, KO YivOvTOoL Ot
KoTdAANAOL EAEYYOL Y10l TO TPOPANLLOTA THG CVTOGVGYETIONG, TNG
TOAVGLYYPULKOTNTOS KoL TO TPOPANLA TG QVTOCLYETIONG.

"Emetra, yivetre Oeopntikn avopopd e oyEon e TNV YELSOUETOPANTEG TV
OEJOUEVMV IOV VIAPYOVY KOl TAOG OVTEG EMNPedlovy 1 O pmopovcay va ennpedcovy
070 LLOOELY L.

Extog amd T1g evIoAEG Yo TIG TOPATAVE® EVOTNTESG TOV OVOPEPOVTOL GTHV
TOPOVCH TTTLYLOKT AVOADOVTOL TO GTOLXEIDL QLTA .

Téhog, vapyet kot OemPNTIKO TEPLEYOUEVO GE GYEOT LLE TNV OIKOVOUETPIAL.



EIXATQI'H

Ti eivan to Tpoypappa R.

To wpdypappa R givar pio otatiotikn yAdosso tpoypappatiopod. Eivar eumvevopévn
armd Vv PBpapevpévn yAwood S, 1 omoia onovpynnke ota Epyactipia Bell and ta téAn
g dekaetiog Tov 1970.

Xpnowonoteite yoo vo yivovior ovOADCEL OedOUEVOV Kot ylo vo. epappolovton
OlIPOPES OTATIOTIKEG TEYVIKES, YPOPIKES OMEWKOVIGES Kot eivor eopeTikd €meKTAGIUO.
Mmnopel va ypnowomombei gite pe evioAég mov divel 0 YPNOTNG Kol LIAPYOLY NON ElTe pe
TPOYPAUUOTO TTOL O YPNOTNG UTOPEl Vo ONUIOVPYACEL Yo Vo EMADGEL TOAVTAOKOTEPQ
OTATIOTIKA TPOPALOTAL. .

Eivar elevBepa Sobéopo g Aoyiopukd pe tovg opovg g GNU General Public
License. Agttovpyel o€ 0169opeg mMAATPOPLES KOODG Kol G€ O1APOPaA AEITOVPYIKE GLGTILLOTA
omw¢ ta linoux /unix, windows ka1 Mac Os.

ITo101 T0 KOTAGKEVUGAY.

To mpoypappa R dnpovpyndnke apyikd and tovg kabnyntég Robert Gentleman kot

Ross lhaka tov Tufuotog Zrtatiotiknig tov IMavemotnuiov tov Oxhavt ot opyés ™G
dekaetiog Tov 1990. Zta pésa tov 1997 vanpée pia diebvng opdda n onoio dnpovpynoe v
R. Avti n opdda ofjpepa amotereiton omd TOLG:
Douglas Bates, John Chambers, Peter Dalgaard,Seth Falcon, Robert Gentleman, Kurt Hornik,
Stefano lacus,Ross lhaka, Friedrich Leisch,Uwe Ligges, Thomas Lumley, Martin Maechler,
Duncan Murdoch, Paul Miwovpe), Martyn Plummer, Brian Ripley, Deepayan Sarkar, Duncan
Temple Lang, Luke Tierney, Simon Urbanek, Heiner Schwarte(é¢wg tov Oxktdfpio tov 1999)
ko Guido Masarotto (¢wg tov Iovvio Tov 2003).

EmmAéov, moAvTiun Ponbeia pe dmpeés KMOKAOV Kol HE TEKUNPIOCELS £0MCAV Ol :
Valerio Aimale, Thomas Baier, Roger Bivand, Ben Bolker, David Brahm, Géran Brostrom,
Patrick Burns, Vince Carey, Saikat Debroy, Brian D'Urso, Lyndon Drake, Dirk Eddelbuettel,
John Fox, Paul Gilbert, Torsten Hothorn, Robert King, Kjetil Kjernsmo, Philippe Lambert,
Jan de Leeuw, Jim Lindsey, Patrick Lindsey, Catherine Loader, Gordon Maclean, John
Maindonald, David Meyer, Jens Oehlschagel, Steve Oncley, Richard O'Keefe, Hubert Palme,
José¢ C. Pinheiro, Anthony Rossini, Jonathan Rougier, Giinther Sawitzki, Bill Simpson,
Gordon Smyth, Adrian Trapletti, Terry Therneau, Bill Venables, Gregory R. Warnes, Avdpéag
Weingessel, Morten Welinder, Simon Wood kot o k. Achim Zeileis.

INoti to R givon kaAdTepo amd drha Tpoypappata Tomov SPSS;

Kamowa mpoypdppota 6nmg ivar to SPSS sivar apketd drodedopéva S10TL 68 apKeTd
TOVETICTN IO KOl APKETEG EPEVVNTIKEG OUAOES TO YPNCLULOTOLOVV TOAAG XpOVIKL EMEWN €lvan
€VUKOAO0 Vo ETaANBELTOVVY KOl VO ETOAELPOOVV T OTOTEAEGUOTAL.

Apywcd, oto Tpoypoppa R pmkav modd mo ypryopa ot aikyopiBpot amd 4tL o€ dAla
AOYIGLUKAL.

Axoun, ot tepiocdTepeg duvatodTTES TOV R €)0VV dnovpynBel amd emayyeipoties pe
ONUOGIEVGELS GE EMGTNIOVIKG TEPLOOTKA Kol Eivar EAEYLEVO TOVANYIGTOV OO 3 €101KOVC.



Etvol onpovtikd va tovietel 0Tt Ta dTopo Tov YpAapovy Tovg KOOKES £xouy Tpdsfacmn Kat ot
EPMOTNGELS AMOVTAOVTOL EVTOG LG OPOGS.
‘Emerta, To mpdypappa R cov diver 01t axpiaog (ntndei evd to SPSS deiyvel ta mhvtoL.
Téhog, 10 mpoypaupo R divel morhamAég amavtnoelg ota mpoPAnuata evd to SPSS
dtvel Hovo pua.

Tuv eivan 1 Owkovopetpio.

Opropoc: H owovopetpioa Ponbdet oy ameikdvion g oyéong evog mapayovta, 1e
GAAOVG  TOPAYOVTEG YPNOLUOTOIDVTOG TNV OolKovoulk Bempia. Ot oyéoelg avtéc mov m
owovopeTpio amokaAvmtel dev eivor autlokég oyxéoelc. Eivar povo ovoyetioelg. Opiopéveg
QOopEG Qaivete mog o pe aAhayég petafAnti ovoyetilete pe pio dAAn  petafint) pe
aArayég . Opmg avtd dev onpaivel Tmg 1 pio LETAPANT TPOKAAEITE amd TNV GAAT.

‘Eva mapddetypa mov umopel va 0o0el eivar 1 Bewpia g Rtmong. H Bewpio g

Mmong avaeéper 0T dtav 1 TN €vog ayaBov peiwbel tote OBa avénbei n {fTnon tov.
Avtopata autd OMADVEL TOG N GLOYETION TG (RTMoNG Kot g TNG Tov ayaBov givat
OPVNTIKT).
Avm 1 Bswpio Bdon Aoykng eival cwotr ,1 owkovopky Bempio Opmc advvartel vo dOoeL po
amAvVTNoTN He TOG0oTd Yo To TOGo Ba avénbei n {tnon tov ayabob av pewwdel n Ty Tov.
To mocootd avtd (mocotikn mAnpoeopic) 1O maipvovpe amo v otkovopetpio. Efvon
eEPETIKG ONUOVTIKO Vo YVoOpilel 0 emyelpnuotiog oty TNV TOGOTIKN TANpopopio ylotl
puovo €161 Bo umopE€cel va. GLUUTEPAVEL OV TOV GLUPEPEL VO, LELDGEL TNV TN VO ayafol M
oL

H owovopikn Bewpia ,A0mdv, S10TVTOVEL TIG GLVOPTNCLOKEG GXEGES TS OMOIEG M
OLKOVOUETPIOL TIC HETOTPEMEL GE HOOMUOTIKEG OYE0ELS Kot Aoy onpovpyndel eva povtélo
npoonabel va 1o ekTyunoet. o v eKTiUNOT TOV GLVAPTNCLOKAOV GYEGEDV 1 OIKOVOUETPia.
YPNOILOTOIEL GTATIOTIKEG HEBOSOVC 01 OToleC Elval KATAAANAES Y100 OLKOVOULKA QOLVOLEVOL.

Kepdloro 1°: Tlepipairov tov R

[Na vo Eexkwnoer 1o mpdypoppo yivete Omhd xhk oto gwovidio tov R. Tote
epeavifetoar o Poocikd mwePPAArov TOL TPOYPAULOTOS OOV VIAPYEL TO TapABvpo TV
eVIoA@V gite amd to pevov file dtodéyete n emhoyn exit

INa vo teppoatiotel T Tpdypappo TAnKTporoyeite eite v evroAn (), eite KAgivete tnv
006vn tov TpoypappaTos. Xe kdbe mepintwon yivete 1 epdTNON av TPEMEL Vo, amodnKevTel
avtd oL £xel OnuovpyNdel N Oyt



To pevoo “file”

Me v emdoyn file umopel va avoifel évag véog 1 évag maldg cuvtdktne. Akoun,
UTOpovV va epeavictodv dabéoia R apyeio Tov pakéhov mov sipacte. Eniong, umopovv va
amobnkevtohv N o €looybBovv €VIOAEC  mov MOM Eyovpe ypnoyomomost. Télog, va
amofnkevtel n dovAeia TOV £xel Yivel Kot va KAEIGEL TO TPOYPULLLLOL.

To pevoo “edit”
Me v emdoyn edit yivovtol ot duvatdTTeg TS AVTLYpa®nS, TG EMKOAANONG, TNG
EMAOYNG OGOV EYOVV TANKTPOAOYNOEl Kot TNV EMAOYN KOOUPIGHOD TOV apyIKoL Tapadvpov.

To pevov “misc”
Me v emthoyn; MIiSC 0 ¥pHOTNG UTOPEL VO GTAUATACEL TO TPEYOV TPOYPULUUO. TOL
EKTEAEITOL KOL VO GTOUOTGEL TNV EKTOTOGCT ATOTEAECUATOV GTNV 000VT).

To pevov “packages”
Me v emhoyn packages o ypniotng eivar dvvatdv va eoptmcel Pifiodnkes omo
duapopa tpotura Tov CRAN 1 pumopet va katefacet Bipitodnkec kot va Tig poptdoet oto R.

To pevov “windows”
Me v gmdoyn vty 0 xpNoTNG HeTakiveite ota avorytd Tpodupa.

To pevov “help”

Ed® vrdpyovv didpopeg emroyég fondelag ommg sivor  fonbela pécwm dadikTvov,
apyelo 6mov vrapyovv and TS PPAodnKes Kol o€ SAPOPOVS SASIKTLAKOVS GLVOEGLOVG
OOV UTopel Kamolog vo petafet.

Kepaiao 2°: Agdopéva 6to R

To R owbéter o déoun oand PipAodnkeg, dmmwg mpoavapépOnike. Me v €vioAn
install packages () umopei va eykatactafel po Pifiodnin. T vo avefodv oto R ta
otoyeia amd excel oapyeio ypnowonoteitan o Takéto RODBC 10 omoio vAomoiel cuvdécelg
pe Paoelg 0dOUEV@V.

Aivovtag v ocvvaptnon mydata= sqlFetch(data,"Variables") éivovton o1 ovopacieg
tov dedopévav. Evd dlvovtag tv evtodr] mydatal=sqlFetch(data,"Data") éivovtor 6Aa ta
dedopéva.
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library (RCDBC)
data=odbecConnectExcel (file.choose () )
2qqlTakbles (data)

TABLE CAT TABLE SCHEM TAELE NAME TABLE TYPE REMARKS
C:\\Profit <HA> Datas SYSTEM TRABLE <HA>
C:\\Profit <ML> Variablesf SYSTEM TABLE <HL>
mydata=sglFetch(data,"Data"™)
library (RODEC)
data=odbcConnectExcel (file.choose ()]
a2glTakles (data)

TABLE CAT TRAELE SCHEM TABLE NAME TABELE TYPE REMARES

C:\M\Profit <HA> Datas S5YSTEM TRELE <HL>

C:\\Profit <MNAL> Variakbles$ SYSTEM TAELE <HL>
mydatal=sglFetch(data, "Data™)

mydatal

L#L Profit Liabilities Turnowver Totalassets Location

1 B87.83 10 111.73 46.66 4]

2 100.10 10 125.09 45.47 1

3 175.50 16 200.20 38.25 0

4 8.02 18 94.43 35.57 0

5 48.25 21 49,25 41 .64 1

& 62.14 21 56.14 42,70 1

T 64.23 21 60.15 46.13 1

8 &5.31 45 63.04 46.40 1

3 &6.55 19 62.8 49,24 0

10 &5.8 13 65.75 50.73 0

11 &7.21 20 65.59 52.41 4]

12 74.15 20 66.72 56.595 1

13 55.02 30 8.42 57.09 0

14 55.59 30 49,69 8.64 0

15 57.17 30 51.55 59.07 0

16 75.81 42 75.81 51.22 1

17 77.88 42 77.88 47.93 1

18 7T4.22 50 T4.22 46.28 1
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Kepdloro 3° : ZroTioTika Xroycio

Ta otatotikd otoyeio pag Bonbodv va damoTOCOVLE OV VITAPYOVY GTO OEOOUEVA
eMemopeva ototyeioo (missing values). Av vrdpyovv ehdewmdpeva otoryeion ot petaPAntég
aVTEG OlaypapovTOL.

H evtol sammury() epgaviCer d1dpopa 6TaTIoTIKE GTOXEl0 OTOC TOV UEGO Kol TO
TETOPTNUOPLOL.

» Sfmasy (ydasal)
hih Brofit Liabilitie Turnovar Totalasseta Location Alerplojess Tnnovl Energyl Sector
Mino ¢ L0 Mmoo 2LEE Min 10,00 Mmoo v 1423 Min,o ¢ 1L28 0 Mim. 0.0000 Mim, ;0000 Mim. 2400 Mim, 0,000 Chemieal:fd
Dot Qu 305 fat Quo 600 Dot Quo B400 Lot Quos 46.E3 st Qs STEY Qs Quo.0000  Dst Quo 0,000 la Quobldd Daf fu0.0000  Paper 36
Madian ¢ 60,0 Madian i 77,20 Madiam : 77.00  Median : 62,56 Median : 6405 Median :0.0000  Mediam : 1000 Madian 63,36 Madiam :0.0000
Ve 5600 Meanm ;8520 Mean 0.0 Mem ;%030 Mean ;056 Mean 08N Mean 0T Mean 6300 Mean :0.44%
drd Qoo 809 Jnd Quoil0S.d2  3nd Quos BB.00  3pd Quo G361 Gpd Quos 89,02 3ed Quoil.0000 3ed Qo €500 3pd QuaigS.al  3ed Qu.sdi0000
Far, o000 Mam, o000 Mawo s145.00 Maw, 020000 Max, 16500 Max, L0000 Max, :00.000 Max. 8002 Mk :1.0000
Tnvaseranel g Fiyadianaty
Kin, 313042 Min, ¢ 000 Mino 5 409
Lo Quoesas®d s Qut 49.50 s (uat 7220
Hedian 4738 Median : 00.00 Meddan : B30
Mean 45320 Meam 7001 Meamo i BR.L
Sed (uoiSB6LY Bed Quor 8500 dpd Qu SO
Mug, G718 Maw, 107,00 Maw,  zb6.de

|

H evtoln grades.with.na deiyvel av vrdpyovv ealemopeva ototyeio (missing values).

> grades.with.na<-mydatal
> grades.with.na
L#R Profit Liabilities Turnover Totalassets Location RDemployess InnovC Energyl Sector InvestmentC Age Fixedlissets
1 1 87.83 10 111.73 46.686 Q 0 Chemical 13778.86 22 1559.09
2 2 100.10 10 125.08 45.47 1 1 Paper 14821.60 34 185.22
3 3 179.50 16 200.20 38.25 Q 40 0 Chemical 13530.66 45 266.38
4 4 98.02 is 94.43 35.57 1] g 0 Paper 13042.12 &7
5 5 49.25 21 49.25 41.64 1 1 Chemical 14978.24 54
& 6 62.14 21 56.14 42.70 1 1 Chemical 16594.72 43
T 7 64.23 21 60.15 46.13 1 4 1 Chemical 18497.96 23
g 8 &5.31 45 63.04 46.40 1 1 1 Chemical 18244.00 12
g 9 @&6.55 13 62.86 49.24 1] 1 0 Paper 18853.84 8
10 10 &5.81 pa:] 65.75 50.73 0 0 Chemical 20374.44 8
11 11 &7.21 20 65.58 52.41 1] 0 Chemical 21326.49 7
12 12 74.15 20 66.72 56.95 1 1 Chemical 23092.70 87
13 13 55.02 30 48.42 57.09 1] 0 Paper 24372.14 &5
14 14 55.59 30 49.69 58.64 Q 0 Chemical 25692.15 T8
15 15 57.17 30 51.55 59.07 0 0 Chemical 26768.09 55
16 16 T5.81 4z T5.81 s51.z22 1 1 Chemical 28010.36 34
17 17 T7.88 42 T7T7.88 47.93 1 1 Chemical 27289.69 23
is 18 7T4.22 50 .22 46.28 1 11 1 Paper 27828.75 &5
19 19 £4.63 63 .63 50.23 0 14 0 Chemical 31848.92 98
20 20 &3.04 64 .04 54.01 1] 17 0 Chemical 35289.26 54
21 21 &5.66 61 .94 57.28 0 15 0 Chemical 37181l.46 23
22 22 5E.82 82 .82 60.98 1 22 1 Paper 39415.71 78
23 23 65.54 59 .51 63.39 1 1 Chemical 41981.14 98
24 249 T6.37 €8 .16 62.27 1 1 Paper 44965.98 =]
25 25 93.62 65 24 64.95 1 1 Chemical 45973.20 65
286 26 B80.55 70 S0 65.59 0 0 Chemical 46786.83 43
27 27 T5.55 T2 83 62.25 a 0 Chemical 45014.48 88
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63 83 26.34 as
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69 69 28.57 a7
T0 70 27.92 89
71 71 28.02 81
T2 72 30.08 as
T3 73 32.20 a7
T4 74 &1.60 as
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81 81 T0.48 45
82 82 75.91 86
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105 105 g.00 23
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110 110 156.00 85
111 111 241.00 32
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Awypapparta Plots : Ta dwoypappata Atacmopdc fonbodv dote va amoktOei pia
TPAOTN 10EA Y1 TO oV 300 peTafAntéc ovoyetilovror peta&d Tovg. Ovotlaoctikd, (ebyn
OVOTTOPLOTAOVTOL HETOED TOVS GE OLOYPOLLLATIKY LOPOY].

H evtol '6mov ypnoiponoteitoan 610 R yio to didypappa dStacmopds eivar:
> duration = mydatal$

> waiting = mydata2$

> plot(duration, waiting

+ xlab= “x-axis petapinty”,

+ ylab="y-axis petapinty")

Ta Staypdppata SLaomopds avaAUTIKA TapouoLalovTal oTa MapopTHUOTA

Yvoyétion : Elvol pia otoatiotikn péBodog e v omoio S1omGTOVETE OV VITAPYEL
oyxéon- Oyt eEaptnon, avapesa o€ 00O 1 TEPICCOTEPES LETAPANTEG.

Ortav r = 1,00 vrdpyet téAeta 1oLPT GLGYETION.
Otav r =0 tote dev vdpyetl cvoyétion petasd X, Y.
Ortav r = -1 td1e VIAPYEL IGYLPT APVNTIKT GLCYKETION.

YuvtereoTi ovueyETioNS Tov Pearson : O cuvteleostiig GuoyETIoNG ToL Pearson
Baciletal og Ypopkég oxécelg Kot amortel dvo aplOuntikég petaPAntéc.

Me v evtoAn cor.test(X,y, use"everything"”,method="pearson") divete n cvoyétion.
cor.test(mydatal$Profit,mydatal$Liabilities,use="everything",method="pearson")

Pearson's product-moment correlation

data: mydatal$Profit and mydatal$Liabilities
t =-1.2845, df = 117, p-value = 0.2015
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.29172327 0.06342214
sample estimates:
cor
-0.11791195

Ed® gupavilete n t katavoun, ot fabuoi ekevbepiag (df), to didotua spmotocvvng (p-value)
KOUL 1) GUGYETION Y10l TO, GLYKEKPLUEVE dedopéva. (COr)

Ao TIg TOPATAVED GLGYETICELS dlaKkpiveTe 0TL 01 GuoyETioELg HeTalD TV pHeTafANTOV givol
Oleg yaunAéc. OmoTe cuUTEPAIVETE OTL TOL OEOOUEVA EIVAL 1T YPOUUKOV LOPPDV.

13



Kepaiao 4° : Mn Ipappikéc Mopeéc

e po ovvapTNoLOKT oYXE0T 000 1 TEPIOCOTEPES LETAPANTEG OV lval oapaiTTO VoL
elvar ypappukég peta&h toug. Avtd opeilete Kupimg eite ota dedopéva Tov VITdpyovV gite
GTNV OIKOVOIKT Bewpia.

Yrdpyovv tpeig néBodot yia va yivel Eva vrdderypa and Mn YpouUUIKO GE YPOoUUKO:

Avtiotpoen Mope1: H avtictpoen pope1 ¥pNOILOTOIEITOL GE VTTOJETYLOTO YL TNV
avEAVOT PUOTIKAOV PUIVOUEV®VY OOV 1 HéoT TIun TG e€aptnuévng TIUNG Tetvet Eval
ACLUTTOTIKO Op1o OTav 1 aveEaptnn petafAnt) avéavet. To vdderypo Exel v Lopoen:

1
Yt=ﬁ0+ﬁ1X_+£t
t

ExOgtuci) Mopon: Xpnoyonoumvtog tov Aoyaplipuikd LETAGYNUATIoUO £V
LogY =Bo+ P1X+¢
VTOdEY IO PUopel Vo petaTpamel og Ypoppukd kot Oo £xel TV Hopen:

Yuvaptnon Xrafepov Eractikottov: Ot ehaoTikOTNTES TNG EAPTUEVNG
petafAntg o¢ mpog kabepia aveaptntn eivar otabepés Kot i6Eg TPOG TOV OVTIGTOLYO

Y = BoxPrxbz . xPr
GLVTEAECTI] TOLG KL EYEL TNV €ENG LOPOT:
Aoywetikn) Kapnvin: H Aoyiotikn kapmoin eivat ) cuvaptnon

14
V= TemmeV 7 <O

H mapduetpoc y deiyvel 10 avdtepo Opo Tov PUmopetl va OTaceL ) e€aptnuévn
petafAntr. XpnolUOTOLEITAL Y10 TNV TEPLYPAPT POUVOUEVOV LETAGYNUATICUOS YIVETE GTNV
ePInTOON OTOL TO Y Elval Yv®GTO

logY™ = log (% — 1) = fo + Pit
Metatponn dedopévav oe Aoyapbpo tov déka (10g10) oto npdypappa R.

> logLiabilities<-logl0(mydatal$Liabilities)

> logLocation<-log10(mydatal$Location)

> loglnvestmentC<-log10(mydatal$InvestmentC)

> loglnnovC<-log10(mydatal$InnovC)

> logEnergyl<-log10(mydatal$Energyl)

> logRDemployess<-log10(mydatal$RDemployess)
> logTurnover<-logl0(mydatal$Turnover)

> logTotalassets<-log10(mydatal$Totalassets)

14



> logAge<-log10(mydatal$Age)
> logFixedAssets<-log10(mydatal$FixedAssets)

2TV GuVEYELD YIVETE aVTLYPOEN KL ETIKOAANGT TV 0edopEVOV amd To Tpdypappo R
oto excel ki énerta mepviovvton Eavd ta véa dedopéva.

> mydata=sglFetch (data,"Data_ log")

»> librarvy (RCDBC

> data=odbcConnectExcel (file.choo=se () )

> =2gqlTables=s (data)

TABLE CAT TABLE SCHEM TABLE N&AME

1 C:\\logProfit

> mydata

<HA>

TRBLE TYPE REMARKS

Data log$ SYSTEM TAEBLE
> mydata=sglFetch (data,"Data log")

<HA>

logProfit logLifbilities logTurnover logTotalassets logInvestmentC

1 1.943643
2 2.000434
3 2.254064
4 1.551315
5 1.68924086
& 1.783371
7 1.807738
8 1.814%580
=] 1.823148
10 1.8182892
11 1.827434
1z 1.870111
13 1.740521
14 1.7443957
15 1.757168
1a 1.879726
17 1.891426
<] 1.8705z21
13 1.810434
20 1.799616
21 1.817301

N N R

- 000000
- 000000

-B23249
-B23249
- 628970
. 799341
. 806180
.TBE330

I R T R e e N Y T ¥

-048170
.097223
3014649
.975110
-6924086
- TEBZTZE
L TTE236
.7T996814
- T2E3T4
-81T7896
.8leB838
-824256
-685025
-626Z2639
LT1l2229
.BT9T26
-891426
.87T0521
-810434
.T9%8l6
-856970

1.

665945

1.68537725

R e N

82631

-551084
-6819511
- 630428
. 863983
666518
-6892318
.T70532685
. 719414
. 755494
. 756560
-Te81l94
STT136T
. 709440
- 680607
-665393
. 700963
. T3247T4
.T58003

4.

139213

4.1708895

L Y T O O R T Y Y T T Rt Y Y

131319
-115348
.175481
-213937T0
267124
-281120
.275400
- 309086
. 328919
-3683475
-386894
-409800
- 427Tel7T
.447319
-435989
444494
-203085
. 547643
.5T0326
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2 1.770263 1.792392 1.811709 1.785187 4.595669
3 1l.816e506 1.770852 l.866346 1.802021 4.62305%
4 1.882923 1.83250%9 1.945272 1.794278 4.652884
5 1.971369 1.812913 1.992288 1.812579 4.662505
& 1.906066 1.845098 1.9537680 1.816838 4.670124
7 1.878234 1.857332 1.949048 1.794139 4.653352
=] 1.887617 l.&880814 1.247630 1.775829 4.638028
=] 1.873553 1.9683788 1.8893096 1.761251 4.654111
o] 1.911051 1.929419 1.953566 1.786l115 4.660898
1.924744 1.9349498 1.967454 1.764699 4.65496549
1.915030 1.925941%9 1.939569 1.772028 4.670563
1.914079 1.991226 1.831509 1.794906 4.6T73286
1.916085 1.83250%9 1.242603 1.7935082 4.681902
1.869408 1.8808149 1.921582 1.753813 4.672850
1.805705 1.913814 1.837778 1.740836 4.86T72122
1.834739 1.857332 1.889582 1.752816 4.6T7T88TL
1.878177 1.875061 1.929317 1l.764E848 4.707156
1.922206 1.815544 1.979594 1.763578 4.698719
1.896747 l.&838849 1.975386 1.739810 4.681833
2.010978 1.819544 2.010978 1.760649 4.703474
2.013638 1.785330 2.013638 1.795162 4.715898
2.029830 1.778151 2.029830 1.79754%5 4.723440
2. 0064923 1.815544 2.006423 1.792392 4.716319
2.029830 1.826075 2.029830 1.800236 4.722151
2.112102 2.181368 2.112102 1.79789680 4.732584
2.1287T22 1.812913 2.128722 1.801335 4.7423592
1.906658 1.8920895 2.109173 1.7905&67 4.742719
1.893151 1.806180 HA 1.782831 4.744954
1.863085 1.991226 2.0688409 1.774809 4.740585
1.861236 1.8864591 2.088172 1.785757 4.760992
1.854185 1.851258 2.079362 1.772835 4.748764
1.817698 1.875061 2.035029 1.7554%54 4.7F39206
1.837841 1.880814 2.047703 1.744371 4.737346
1.844229 1.59259419 2.046066 1.741073 4.745507
1.840043 1.59349458 2.030964 1.748653 4.767T20
1.835627 1.5929419 2.030154% 1.7554594 4, TTEEES
1.8529&68 1.361728 2.051384 1.763802 4.7FT85320
T.865400 1T.913874 Z.n0TaR0T T.77RRAR 4 _TROARLRZ
1.888292 1.826075 2.076203 1.795393 4.TE9296
1.353147 1.5%15%078 1.353147 1.5856570 4.35384224
1.4113114 1.563788 1.41313114 1.82788 4.581223
l1.4206le 1.944483 l1.420616 1.834103 4.3820742
1.403807 1.934498 1.403807 1.852602 4.421058
1.40277T7T 1.949z290 1.4027T7T7T 1.887720 q.457429
1.4l19zas8 1.94449E83 1.419295 1.8093181 4 _ 484006
1.443106 1.9259041 1.443106 1.903470 4.509697
1.49462369 1.9683788 1l.4246926%2 1.2053649 4_513110
1.455910 1.939519 1.455910 1.9064943 4.492739
1.4455915 1.9459390 1.4459215 1.9061159 4.511062
1.447468 1.555%041 1.447468 1.83570% 4.546506
1.478278 1.9444283 1.47g278 1.2267542 4.546146
l1.507858 l1.232519 l1.507856 l.2284947 2.5604396
1.789581 1.944483 1.545555 1.924796 4 _575825
1.B0BESE 1.93494998 1.8008496 1.9294919 q4.60057T8
1.826852 1.2242789 1.682355%9 1.22&65498 4_6lT7642
1.835120 1.9213814 1.647481 1.908217 4.623487
1.828402 1.897T627 1.675962 1.220176 4.6492520
1.820858 1.857627 1 T8Z245 1.5928703 4.666011
1.825361 1.213078 1.692230 1.938720 4.686848
1.848066 1.653213 1.755875 1.9628590 4.711174
1.g880299 1.934429% 1.7392322 1.270207 4.726006
-89299320 1.919078 1.929519 l.9s51082 4._.7325270
-985247 1.934498 1.732394 1.9686705 4_TEET49
2.011655 1.995635 1.793860 1.286906 4. 7751490
Z2.040523 1.8354243 1.6849127 1.99l149498 4 _TT3I030
2.02T7635 1.968483 1.412796 1.9902086 4.721071
2.068742 1.2453350 1.153205 1.583542 4.8500353
2.115078 1.554458 1.4035978 1.8758%91 4.808620
2.137e7T1 1.277724 l.5873e7 1.970951 4.81l102%5
2.124504 2.000000 2.049218 1.9849437 4.803503



92
a3
94
a5
=12
a7
g8
29
100
101
102
103
104
105
106
107
108
109
110
111
112
113
114
115
1l&
117
118
119
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.018159
. 982000
.947924
. 882695
.859078
. 976488
.050418
. 054460
.012247
.0&65916
. 048325
.075547
. 089905
.991226
.086360
167317
.369216
. 089905
.193125
.382017
.991228
. 089905
037428
.049218
.049218
.127105
161368
.079181
loghge
1.3424227
1.5314789
1.6532125
1.8260748
1.7323938
1.6334685
1.3617278
1.0791812
0.9542425
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By B3 ORY RIORY BRI ORY

» summary (mydata)

logProfit
Min. 11,353
lst Qu.:1.820
Median :1.888

logLikbilities
Min. :1.000
1=t Qu.:1.732
Median :1.886
Mean :1.783
3rd Qu.:1.944
Max., :2.161

Z249 0.9542425
25 1.81291349
Z 6 1.633494685
P 1.9449494827
Z28 1.9395193

u
i
JPRRREBRERRRRR

s
i
MW MR NN

B80E8136
9344985
949444827
QO3I0900
89T7e27T1
QoE4850
SB6e92317T
BE3EE491
Q0309200
93244985
SgsEaeTTLT
STTTZ2Z36
-DDOO0000
-DD432149
-DOs6&e002
ags&eTTLT
-DD4a321 49
-D293838
-DZazs3s

025306
.017033
.017033
. 045323
. 056505
. 049218
L9TTTE4
. 000000
.025306
.017033
.021189
004321
LB53213
L361728
. T32394
L361728
. 6543453
086360
.929419
. 505150
. 939519
. 380211
. T32394
. 643453
. T32394
. 342423
. 939519
.531479

[ R e R B e e e e R R RS RS R R R R R R R R

logTurnover

Min. 11,153
lst Qu.:1.670
Median :1.796
Mean  :1.793
3rd Qu.:1.964
Max. 12,301
Hi's 1l

BEHHOREEHERERREE 000K HEEREHEEEERRRERRY

o] mFJD

nom -] Mo

m k=] b
womw
WD
nomow m

P Pldh!M

[}

-]
-l
3]
un

l 582631
1.551084
1.619511
1.630428
1.663983
1.666518
1.682318
1.705265
1.7159414
1.755454
1.756560
1.768154
1.771367
1.709440
1.680607
1.665393
1.700963
1.7324974
1.758003
1.7851E87
1.802021
1.7594279
1.81257%9

logTotalassets
Min. :1.051
lst Qu.:1.76l
Median :1.813
Mean  :1.848
3rd Qu.:1.948

Max. 12,217

=
=
=
=
=
=
=
=
=
L=
P
=
=
=
=
-
a
=

Soa1zzea
Ssaza==s
=aooa=a
ESSas=S
Saaa==7
osoca o=

1.973174
1.980594
1.96787T5
1.95172¢6

1.945222

1.945321
1.937618
1.934044
1.937718
1.949585
1.9644%55
1.959328
1.996555
1.051153
2.097396
107685
.925003
.891428
.049683
.1878B59
.120574
.1395300
.217484
.1a7T317
1.99122¢6
1.995635
2.000000
1.9493%0

[ER

kI R) RIORY RIORY

logInvestmentC

Min., :4.115
1=t Qu.:4.513
Median :4.479
Mean  :4. 626
3rd Qu.:4.7

Max. .4.ull

|
W]
0
HEMEERRERRRRERREREMMMMERNRR

4.7T7Ta575
4.TB3E850
4.7749663
4.7T81473
4.TE8E960
4.799941
4.765920
4.TeE327
4.7TBO3B7T
4.787054
4.789908
4.791863
4.661567
4. 776575
4.TB3850
4.774663
4.781473
4.TE8E960
4.799941
4.661567
4.7T7Ta575
4.661567
4.7T7Ta575
4.TB3E850
4.7749663
4.7T81473
4.513110
4.492739

loghge
Min. :0.8451
lst Qu.:1.6928
Median :1.9031

Mean :1.7720
3rd Qu.:1.9777
Max, 12,0294

[FIEIE PP
00432149
0086002
9867 TLT
00432149
ozZzozs3s
0293838
D12837T2
2956352
Q7 TT236
986TTL1T
S6e84829
2z2949159
29344985
oz44985
924942793
azao41&s9
a5904149
2956352
00432149
62324993
6434527
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Onwg paivetal mapakdtm dgv vapyovv Missing values.

Yoy
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O m =l mmbs o

Wkl KRR A RR

31

PRPRHRRPRPRRPERHPRERBRRPERRRERNNNRNNNNR B R R R

grades=s .with

rades . wit
logProfitc

1.943643

Z.000434

Z2.254064
291315
692406
1.793371
BOTT738
1.814980
1.823148
1.818239zZ
827434
1.870111
1.7405Z21
1.74494997
1.75T716e8
1.87972a
l1.891426
1.870521
1.810434
1.7929616
1.817301
A.T7TOZ263
1.816506

1.8823923
1.971369
1.9068066
1.878234
1.887617
1.873553
1.811051
1.924744
1.915030
1.8914079
1.916085

1.8694908

na<-—-read.csv("c:

-na

logLifbhilities

BPRBRPRRBRPBRERBERHPRBEBRPRRBRRBERBNRRE BB R R P R R

1.832509 1.945272e+00
1.812913 1.992288e+00
1.845098 1.953760e+00
1.857332 1.949048e+00
1.880814 1.947630e+00
1.963788 1.893096=+00
1.929419 1.953566=+00
1.934498 1.967454=+00
1.929419 1.93956%9=+00
1.991226 1.93150%=+00
1.832509 1.942603=+00
1.8808149 1.921582=+00
913814 1.837778e+00
857332 1.8E89582e+00
ET75061 1.92Z39317e+00
81954949 1.9795949=+00
838849 1.975386<+00
8195449 Z.010978e+00
- 785330 Z2.013638=+00
TT8A51 Z2.029830e+00
8195449 Z2.006423=+00
E26075 2 .029830=+00
1el368 Z.112102=+00
B1lZ913 Z.1287Z2=+00
8922095 Z2.109173=+00
806180 2Z.0934Z22e+06
991226 2.06840%e+00
886491 Z2.088172e+00
851258 2Z2.079362=+00
750681 2 .0350229=+00
S80814 2.047703=+00
229412 2.04€066=+00
234498 2Z.0309649e+00
929419 Z.0301549e+00
F61728 Z2.05135849e+00
91381494 2.079507e+00
826075 2.0T76203=+00
219078 1.35314947e+00
9683788 1.411114e+00
244483 1.4Z2061l6=se+00
234498 1.403807e+00
2949390 1.40277T7e+00
944483 1.419295e+00
959041 1.443106e+00
983TEE 1.469963%e+00
939519 1.4559210e+00
2949390 1.445915e+00
259041 1.447468e+00
944483 1 .4782T78e+00
939519 1.507856e+00

1.000000
1.000000
1.204120
1.255273
1.322219
1.32221%9
1.32221%92
1.
1.278754
1.278754
1.301030
1.301030
1.477121
1.477121
1.477F121
1.623249

logTurnover logTotalasscets

L0481 T70e+00
.09T7223e+00
-30146494=+00
9@T75110e+00
692406e+00

1.749272e+00
1.779236=+00
1.799616=+00
1.7983749e+00
1.817896e+00
1.816838e+00

1.8249256e+00
1.685025e+00
1.696269=+00

1.712229e+00
1.879726e+00

1.623249 1.891426=+00
1.698970 1.870521e+00
1.799341 1.810434e+00
1.80618 1.79961l6=+00

1.785330
A1.792332
1.770852

1.8569270e+00
1.81170%9e+00
1.866346=+00

PRERHRRPRPRRBPERHPREBRRBRRPRRRERRERRR R R R PR R

1.6683945
1.657725
1.582631
1.551084
1.619511
1.630428
1.663983
1.666518
1.6892318

1.705265
1.719414
1.7554994
1.7568560
1.768194
1.771367T
1.70949440
1.6806807
1.6865393
1.700963
1.732474
1.758003
1.785187
1.802021
1.794279
1.812579
1.816838
1.794139
1.775829
1.761251
1.766115
1.764699
1.772028
1.794306
1.793092
1.753813
TA40836
TE2ZELlE
Te4548
TEe35TE
TI9E810

. TEO0E429
-Te93182

T9T545

logProfit.c=sv",  header=TRUE)

logInvestmentC

L T T O At R A A N

loglhge

4.139213 1.3424227
4.170895 1.53147E89
4.131319 1.6532125
4.115348 1.8260748
4.175461 1.7323938
4.21997 1.6334685
4.2671249 1.3617278
4.261120 1.0791812
4.275400 0.954942425
4.30908 0.9030900
4.328919 0.8450980
4.36347 1.9395193
4.386894 1.8129134
4.409800 1.8808136
4.427617 1.7T403627
4.447319 1.53147E89
4.435999 1.3617278
4.444494 1 .8129134
4.503095 1.9912261
4.547643 1.7323938
4.570326 1.3617278
595669 1.8808136
623054 1.9912261
288 0.9542425
662505 1.8129134
0124 1.6334685
653352 1.94494827
38028 1.9395193
654111 1.8808136
898 1.9344985
654654 1.9444827
05683 1.9030900
673286 1.83976271
1902 1.9084850
2850 -B8692317
-8388491
-9030900

-9544985
-986e77T1T
9T TT236
- 0000000
-004327 4
- 0086002
-9867TT1T
-0043214
-.0Z2938538
-.0Z93838
LO1lZ2E3T2
. 2256352
-97TTT236
-9867TT1T
-9884829
-92941&89
-9544985
93544985
2242793
-9294189
-3424227
-5314789
-8532125
-EZ260748
- T3IZ23Z938
- B8334946E85
. 36L1T2TE
-0791832
-9542425
-9030900
-E4509E0
-8395193
LE1221349
-.E808136
-TE203&627T
-5314789

FEEEPOOORPRPPRRPRRRRRR R PP NNNNP NN B PR PPl
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(=T lye]

Ba P B b R b RS My R MM MEBRMMMMMUMROME R RERRPRMMMMRBMUMBMERBRRRBR R R BB

WD W mom oo m -]
R b R kM Wk Do
Womwmomnodw
Wk O Lo o
Ww o ook m
[TV s 'O o I T T 6 I )

n
)
'S

]

-011855

.054460
-012247
-065916
-.048325
.075547
-089905
-991226
-D86360
.1e7317
-369216
-.0893905
-19312%5

82017

-981226
.0895%05
.0374286
.049218
.049218
.127105
.161368
079181

i e e e e e e R R R N R I R R N O N R R N N N R

-944483
-954458
-924279
-913814
-B97627
.B97627
-919078
-653213
-954458
-919078
-9354498
-995635
-954243
-96E58483
-949390
-954458
877724
- 000000
.025306
.D17033
.D17033
-D45323
-056905
-049218
877724
-.000000
-025306
.D17033
-D21189
.004321
-653213
361728
.T732394
361728
-645453
-DE6360
.929419
.505150
.93951%
.380211
.T32394
. 643453
.T32394
.342423
.93951%
.531479

Bl b b e e R R p p g R R R R R R R RRRERBRERMMMERBRRRRERRRPERRRBRRRRP R R

-.545555e+00
-6006462+00
-B823559e+00
. 6427481e+00

675962e+00

-8TEZ245e+00
-892250e+00
.F5E875e+00
-T9235392e+00
-939519e+00
. T323942e+00
-T93860e+00
.654127e+00
.412796e+00
-153205e+00
.403978e+00
.567296Te+00
-049218e+00
-084398e+00
-187859e+00
-B8T2098e+00
. 668945e+00
.EB57TT25e+00
-582631e+00
-551084e+00
- 619511e+00
-6830428e+00
-B6398353e+00
- 666518e+00
-692318e+00
- T05265e+00
-T719414e+00
. 755494e+00
-T756560e+00
-T6E194e+00
.TT1367e+00
-T709440e+00
.680607Te+00

665393e+00

.T7T00963=e+00
.732474e+00
.T758003e+00
.T8518T7e+00
.802021e+00
. 734279400
.81257%e=+00

L el T R B e e T T I R e I S o B o O B e S O S S R

.924796
-92541%9
-926548
-908217

920176

.8928703

938720

-962890

270207

-965108
-9867T05
-92690&
-991448

290206

-983942
-9758591
-9705851
-984437
-973174
-980554
.98T78T7E
.8951726
-945222
-945321
.937618
-934044
.8937718
-945585
-964495
-959328
-996555
-051153
.097396
107685
-925003
-891426
-049683
187859

.120574

.155500

.217484

.187317

.951226

.9556355

.000000

.949390

e T S e S S e N N Y N Y QY NS

.5T75825
-600576
.817642
- 623487

642520

666011
-686848
-711174

T26006

-T35870
. 758749
.T7T5140
. TT3030
-T791071
-B800353
-B08620
-B11025
-B03503
.TTEETE
-TE3850
.T7TT4663
- T781473
-T788560
.7959541
-TE55920
-TE2327
-TB0387
. 787094
- 789908
-791863
-661567
.TTBESTS
-TE3850
.T7TT4663
-T781473
- 788960
.799941
-661567

TTE5T75

.6615687
.T7TTE5TS

763850

.TT4663
.TE1473
.513110
4592739

L e e e e B e Rl s Il e T e S e S e e Sy S S S T S

.3617278
-8129134
-9912261
-T323938
-3617278
-BBOE136
-9912261
-9542425
-8129134
-6334685
-9444827
-9395193
-BBOE136
-9344985
-9444827
-9030900
.B9782T71
-9084850
-2692317
-B388491
-9030900
-9344985
.9867T17
.97T7T236
- 0000000
-0D43214
-0086002
.9867T17
-0043214
.0293838
-0293838
-0128372
-9956352
.97T7T236
.9867T17
-96E584829
-9294129
. 9344985
.89344985

9242753
9294189
9590414
9956352

0043214
6232453
. 6434527

"Emterta dnpovpyovvrol Eava to draypduuato o106mopas to. omoio ivat ota
TOPOPTILLOTO KOL GTY) GLUVEYELD YIVOVTOL Ol GUGYETICELS.

YvoyeTicelc:

cor.test(logProfit,logLiabilities,use="everything",method="pearson")

Pearson's product-moment correlation

data: logProfit and logLiabilities

t=-1.6366, df = 117, p-value = 0.1044
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.32095350 0.03123626

sample estimates:

cor

-0.1496004

> cor.test(logProfit,logEnergyl,use="everything",method="pearson")

Alokpivete apKeTA KOAT CLGYETION G GYXECN LE TNV OPYLKT] OTOTE TPOYMPOVIE GE TOALUTAN

YPOLLUKT TOAVOPOLIOT).
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Keparoto 5° : TToAarin I'pappuikh Hoaivdpdunon

To ToAALATAO YPOUKO VITOOELY L YpMoLoTolEiTON Yo VoL peAeTnOel | oyéon piog
eEaptnuévng netaPAntg pe drapopeg aheg avelaptnrteg petafantés. H yevikn popen tov
glvo:

Yi = Bo + B1X1i + BoXoi + o + B X + &

omov,

y = eGaptnpévn petafanth

Xy = avelhptnreg petafAntég

E = otoyaotikog 6pog

| = avtimpocomev Tk HETaPANTN TOL delypaTog

10 R yuo va. dnpovpyndet moALamAd Ypoppukd VITOSEY O SIVETE 1) EVTOAN

fit <- Im(y ~ x1 + X, + x3, data=mydata)
summary (fit)

OOV TO sSUMmMmary Jdivel To amoteAéouaATa.

To povtého mov Ba ypnoyomombei eivar to logProfit wg e€apmmuévn petafintm kot ot
logLiabilities, logTurnover, logTotalassets, logAge, loginvestmentC wg ave&apmres. Eivat to
KOAOTEPO VTLOJELY O TOV UIopel va emAeyDel 10Tt kot pe Baom v owovoutkn Bewpio aAld

Ko e Baon v cvoyétion mov £ywve tov logProfit pe to kabéva Egywpiotd.

» fit<-lm(logProfit~logTurnover+logliabilities+loglotalassets+loghgetloglnvestmentC, data=mydatal)
> summary(fit)

Call:
lm(formula = logProfit ~ loglurnover + logliabilities + logTotalassets +
loghge + logInvestmentC, data = mydatal)

Residuals:
Min 10 Median 3Q Max
-0.30615 -0.10023 -0.00213 0.063966 0.37320

Coefficients:

Eztimate 5td. Error t value Pri>|t|
{Intercept) -1.39165 L37124  -3.749 0.000282 ##%¥
logTurnover 0.29420 .06802 4.325 3.30e-05 ##*

logLlizbilitie=s -0.47008
logTotalassets 0.37088
loghge 0.15543
logInvestmentC 0.56932

1]
3
.06808 -6.905 3.1le-10 #***
.10338 3.589 0.000483 ##*
.04703 3.305 0.001275 **
.11207 5.080 1.50e-08 ##**

[T T e T Y e |

Signif. codes: 0 “##*7 0,001 “**f Q.01 '*' 0,05 *.* 0.1 " 1
Residual standard error: 0.1313 on 113 degrees of freedom

Multiple R-sgquared: 0.5926, Bdjusted R-squared: 0.5746
F-statistic: 32.88 on 5 and 113 DF, p-value: < 2.2e-16

Me v evtoin coefficients(fit) Sioukpivovtot To amoteAésato Tov HoviéAov.
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» coefficienta(fit)

(Intercept)
-1,3916513

logTurnover logliabilities logTotalazsets

0.2941956

-0.4700821

0.3709793

0.1554304

loghge logInveatmentC
0.5693:39

To vdderypa mov emhéyOnke givar to loProfit=-1.991 + 0.294 logTurnover-0.470

logL.iabilities + 0.370 logTotalassets + 0.1554 logAge + 0.569 logincestmentC

. Av dev vnpyov kabolov aveEdptnte petafAntéc to k€pdog Ba nTav -1.991

. Av av&nBovv katd pio Lovada o1 VTOYPEDGCELS TO KEPOT) TNG EMYEPNOELS LELDVOVTOL
katd 0.470. Oco av&dvoviot 01 LVIOYPEMGELS TOGO HELDMVOVTOL T KEPOT TNG EMLYEIPNONG.

. Av avénbei kotd pio povado To GHVOLO TOV EVEPYNTIKOD (TEPLOVGIN TNG EMLYEIPTNONG)
av&avovtor 0.370 ta k€pon ¢ emyeipnong.

. Av avénbet katd pio povada n niio tote vadpyet 0.115 képdog oty emyeipnon.

. Av avénbet 10 KOGTOG TOV GLVOMK®V £TEVOVGEDY KTA [io Lovada TOTE Exm KEPOOG
0.569 otV emyeipnon.

> confint (fit,level=0.395)

[Intercept)
logTurnover

logLiakilities -0.
logTotalassets 0.

loghge

loglnvestment

> fitted(fit,level=0,95)

0.2444827
25
0.2901623
33
0.2684035
41
0.2993245
43
0.3147585
57
0.2980877
65
0.1793284
73
0.2235705
8l
0.2780547
&3
0.2684742
a7
0.2681e58
105

0

o<

2875378

10

. 24516857

18

2506489

98

.2691845

1086

Q.

2523547

27

.2B37850

35

LZ2T5TE20

43

.3116307

51

.3074325

59

2891160

67

.1830958

75

2467815

83

L2803228

a1

.3107931

99

L2T21263

107

0,347

4

2532534

.26841939

44

.3028939

52

. 3073040

60

.3032364

68

1837573

T6

. 2583763

84

. 2873445

92

.3044273

100

L2TZ2E28T5

108

2.5 %

L.12714427
.15943495

60496343
leel7284

068224586

Y9818 0

0.234628
13
0.2607151

L]

0.2488976
23
0.2624986
37
0.2780142
45
0.3060565
53
0.2970009
51
0.1931154
69
0.2223525
77
0.2513852
85
0.2889147
93
0.3109953
101
0.2769137
109

7.5 %

-0.68561584

0.4289562

-0.3352008

0.5757858

0.2488150

9154996

6 7
0.2426669 0.2445645
14 15
0.2682665 0.2672019
22 23
0.2692900 0.2852332
30 31
0.2743725 0.2742163
38 39
0.2852175 0.2959854
48 47
0.2764674 0.3190577
54 55
0.29683424 0.2915315
62 63
0.1863102 0.1862671
T0 71
0.2184628 0.2274155
78 79
0.2456260 0.28687083
g 87
0.28311el1 0.2650667
94 95
0.2741918 0.2715461
102 103
0.2788787 0.2835552
110 111

8
1]

1975655

1lg

.2537051

24

2202777

.2751476

a8
o0

2484641

96

.2T718131

104

. 3088161

112
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Me v evtoin anova(fit) divete o mivokog anova.

> anowva (fit)
Analy=sis of Variance Tabkle

Eesponse: logProfit

Df 5Sum 5g Mean 5g F wvalue Br (>F)
logTurnover 1 0.85328 0.85328 49,0178 1.925e-10 #=*%
logLiakbilities 1 0.0174% 0.01745 1.0046 0.3183
logTotalassets 1 0.949%94 0.949%94 54.5709 2.76%e-11 #*==*
loghge 1 0.59183 0.59183 33.9989 5.325e-08 #**%
logInvestmentlC 1 0.44926 0.44926 25.8084 1.503e-08 **%
REesiduals 113 1.596704 0.01741

Signif. codes: 0 “Y#**f 0_001 ‘#*=7 0,01 **f Q.05 *.* 0.1 + *f 1

270 VIOdELY O OAEG O1 LETAPANTES €lvOl GTATIGTIKA OULOVTIKES. APOV G€ OAOVG TOVG
e éyyovg yivete amodektn 1 Ho.

Kepaiao 6° : Avtocvoyétion

Opiopdc: H avtocvoyétion mapatnpeitol o cuyva o Se30UEVA YPOVOLOYIKMDV GEPDOV.
[T0av” e£nynon Tov GaVOUEVOL TNG AVTOGLGYETIONG Elval OTL KATO101 TAPBEYOVTEG EMOPOVV
GTOV JOTOPAKTIKO OPO YWPIg Vo TEAEUDVEL 6TV TPEYOLGa TEPiodo Al vo cuveyilel Kot o€
UEANOVTIKES TTEPLOOOVC.

Yovémereg Avtocvoy£Tiong - Ot eKTIUNTEG TOV LITAPYOVY AT TO LITOJELY O ETvaLl
BLUE. v nepintwon, OH®G, TG 0VTOGVGYETIONG O EKTIUNTEG TOV XPTGLLOTOLOVVTOL OEV
elvol amoTEAEGLLATIKOL.

Apa, xopig va ANedel vTOYN N AVTOGVGYETION, 1) SIOKVLOVGT] TOV EKTIUNTN
VITOEKTILATOL Kot aVTO EXEL MG OMOTEAEG A OL TIUES TOL t-ratios va ivon peydheg. Ot ekTiunTég
OV YPNOLOTOOVVTOL OEV £ival ApioTot.

Aodyor vtaping Avtoovoyétiong: Ot Adyor vapéng TG AVTOGVCYETIONG Etvat TPElg
a) Ot petafAntég Tov vodelypatog va givar AavBacuéves mg Tpog TG LETAPANTES TOV
nepapfPdavovral.

B) H cvuvaptnotlaxn oxéon tov vrodeiypatog va givatl AavBacuévn.
v) H duvapikn 614pOBpmon tov gatvopévou Tov vodetypatog vo eivarl AavOacuévn.
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To pOPANa TS AVTOGLGYETIONG EEAAEIPETAL LLE TNV LETATPOTN TOV LIOJEIYUOTOG OE
AoyapBpid | ToAv@vopkd 1 Suvapkd. Eqv 0pwmg to TpoPAnpHa e avtocuey£Tiong
ocvveyilel vo vapyel TOTE YPNOIULOTO0VVTOL EBOOOL EKTIUNONG Y1 TNV OVTOGVGYETION GTO.
COAALLOTOL.

Awmictoon g Avtosvoyitong (Eleyyog Durbin-Watson)

Anpiovpyovvrat ot dVo vrobécels:

Ho: Aev vtéipyer avtoocvoyétion p=0
Hi: Yrapyet avtoovoyétion p>0 1 p<0 7 p diagopo 0

Ynoloyilete to otatiotikd d twv Durbin-Watson

Av d< dL (p>0) givor Otk  avtocvoyétion

Av d<dL<dU &ivor apépaia meployn

Av dU<d<4<-dU (p=0) dev vapyel avTOGVGYETION
Av 4-dU<d<4-dL eivar aféParo teproyn

Av 4-dL<d (p<0) apvntikn 0LTOCLOYETION

¥10 Ry va gpgaviotel av vadpyel avtoovoyétion pe to kprerplo Durbin-Watson
ypnowonoteital Tpmta 1 PPAodnKn Imtest, 1 ondia divel Ta SayveoTikd TEGT TG

YPOUUKNG TOALVOPOUNCTG.

1t ovvéyeto pe v eviodn Imdw kou v evtoin dwtest divete to amotédespo tov Durbin-
Watson test.

» library(lmtest
Loading required package: zoo

Attaching package: ‘zoo'
The following object is masked from ‘package:base’:
a3.Date, as.Date.numeric

> Imdw=1m(logProfit~logTurnover+logliabilities+logTotalaszets+loghge+loginvestmentl, data=as. s (mydatal))
> dwtest (1ndw)

Durbin-Watson test
data: lmdw I

DW = 0.7658, p-value = 6.071e-13
alternative hypothesis: true autocorrelation is greater than O

ZOuemvo. PE To Tapamive arotédecua o cvvteleotng Durbin-Watson sivai 0,766.

"EAeyyog Avtoovoyétiong:
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Ho: Agv vrdpyer avtocvoyétion p=0
Hi: Yrdpyer avtoovoyétion p>0 1 p<0 1 p#£0

p=0,766 Apa 0,766>0 dpa vVIapyEl BETIKT OVTOCLGYETION.

Kepaiao 7° : MMolvovypopmkotnra

Opwopég:  To mpoOPANpo TG TOALGLYPAUUIKOTNTOS VITAPYEL OTOV VTAPYOVLV YPOLUIKES
oY£0E1G LETAED TOV EPUNVEVTIKOV LETAPANTOV.

O1 popeég molvovypappukotTytag givan ot €€ng:

» TéAero | TANPNG TOALGLYPOUIKOTNTA: Eivon 1) TepinTmon émov to R? givon 1.00 (téheia
YPOLULUKT] GUGYETION) Y10l TIG GYEGELG OAMV TOV EPUNVEVTIKOV UETARANTOV TOV VITOJELYLATOG.
* Atovcio moAvovypappikotrag: Eivol n mepintmon émov 1o R? elvar 0 (undevikn| ypoppkn
GLGYETION ) YO TG GYEGEIS OA®V TOV EPUNVEVTIKOV LETOPANTOV

TOV VTOJELYHOTOG

* ATeAMNC M U TANPNG TOAVGVYPOUUKOTNTOL:

Eitvon n mepintwon 6mov 10 R? givan amo 0.5 — 0.7 ( ypoppikn cvoyétion kamolov Baduov) yio
TIG OYEGEIS OAMV TOV EPUNVEVTIKOV LETOPANTOV TOV LTOOELYHOTOG

AWTIGTOON TS TOAGVYPUUPIKOTTOG:
1)Xvvredeotng Awvykmong (VIF-Variance Inflation Factor)

VIF=1/1-R?
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O VIF deiyver v taydtnto pe v omoia evOg EKTIUNTA 1 SloKOoven o&avetat dtay
VIapyEL T0 TPOPANUE TS ToAvSLYYpapkoTToc. O VIF av Eemepva 1o vodpepo 10 dnidvel
OTLVTLAPYEL TPOPANLLA TOAVCVYPOUUKOTNTOG,

2)Xvvtedeotic Avektikotntog (TOL-Tolerance Index)

TOL=1-R? = —
VIF;

[Tpoxertan yio Tov avtioTpo@o Tov Tporyovuevov deiktn. H tyun tov cuvieheot
OVEKTIKOTNTAG KOVTA OTO UNOEV ONADVEL TWS VILAPYEL GUOYETION EVD KOVTA GTO £Vo SNADVEL
to avtifeto. O TOL av Eemepvd To voouepo 0,2 dnAdvel TPOPANLO TOAVGVYYPOUUIKOTNTOG.

3) Agiktne 1 Apbuog katdotoong (Cl-Condition Index).

Cl= 21/ %,

Av 0 deiktng kataoTaong givatl avapeca ota voopepa 10 kot 30

VILAPYEL TOAVGVYYPOUUKOTNTA EVO €AV givor peyaivtepn tov 30

vrapyel coPapd TpdPANHe ToAvcLYYpapkoTTe. Av T eigenvalues givol kovtd 6to pundv
tOTE LVILAPYEL TOAVI TOAVGLYYPAUUIKOTNTO.

210 TpOYpoUpa R 1 €vTOoAn oL ¥PNGUYLOTTOLEITOL Y10 TO TEGT TNG TOAVGVYPOUUKOTNTAG Elval

» library (car)
> wif(fit)
logTurnover loglLiabilities logTotalassets loghge logInvestmentC
1.494463 1.884976 1.649101 1.427601 2.698107
~
|
n evroin Vif(fit)

Kot ypnoponoteitor n PrpArodnkn car ypnoIonoteitol Yo EQUPUOGUEVES TAAMVOPOUNGELS.

2TV Topomave Ova etvat ELEAVES OTL VITAPYEL TPOPANLLO TOAVGVYPOUUUIKOTNTOS, ApOD TO.
KpLtnpta 0gv TANPovV ta Oplo ota ool Oa Empene va Ppickete Eva VTOSELYHO TTOV OV £)EL
10 TPOPANUA TNG TOAVGLYPOUMKOTNTAG TO GLUTEPAGUA givol g ypeldotnkay 600 vEeg
petaPAnTég Tov onpovpyndnkayv

H a=#apom nMrov n  Z=logage*loginvestmentCost ot m  dgvtepn mrav 1
e=logTurnover*logtotalassets.

¥t ovvéyel to vmddetypo mov Ba tpé€el Ba eivon g efaptnuévn to logProfit ko wg
aveEaptnte ot Z,e ka1 1 logLiabilities.

> vif(fit)
logLiabilities z v
1.17576%9 1.138588 1.32408%

Zoppava pe o kprmmpto VIF to vodetypa dev Eemepva 1o 10 omdte dev vmapyet cofopn
TOAVGLYPOUUUIKOTNTOL.
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Kepaiao 8° : ErepookedaotikétnTo.

[TpoPAnpa TEPOCKESACTIKOTNTAG VITAPYEL OTAV:

I. Mio and t1g Baocikég mpoimofécelg evog KAUGGIKOD YPOppKoD VIodelyaTtog ivatl Tmg o
OOTAPOKTIKOG OPOG fvat OLOoKEINGTIKOC. AVTO onUaivel OTL 01 TOPATNPNOELS EXOVV TNV d1a
StkOpoven Ko 1 SloTopd oL TaPOVGIALETE GTIC TYES TOV JATAPUKTIKOD OpoL ivat YOpw
oo TV ypopp moAvdpounong eivar n idwa yio kébe mapotpnon.

ii.LH etepookedaotikdTnTo Hmopel vo Snovpyeitol Kot amd TNV OGLUUETPIO GTIV KOTAVOUT
piog 1 TePoGOTEPWV HETARANTOV.

Apycd, pmopodue va SOVUE TNV ETEPOCKEOACTIKOTNTO LE £VOL OLAYPOUULO TOV TETPUYDVOV
TOV KOTOAOIT®V €L TOV TYOV TNG 1] TOV TETPAYDVOV

TV Katohoimev el g aveéaptntng petapintic X. Edv mapatnpricovpe 6t og avtd 1o
OUWIYPOLLILO. OVCLOCTIKG Agimel 0 PECOG OPOG, TOTE OV UMOPOVUE Vo Amoppiyovpe  TO
eVOEYOLEVO TOV TPOPANLLATOG ETEPOCKEIACTIKAOV KATAAOITWV GTO VITOOELYLLAL.

Awmiotoon ¢ EtepookedaotikOTnTOg

"EAreyyog Goldfeld-Quandt : O cuykekpiévog EAeyyog YpNOLOTOLEITOL Y10 LIKPA SETYLOTOL.
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Hy:0f = 6Zvs Hy: 0f # 0

&5
l
/N, —K -1

= Fn, k-1,N,-K-1,a

€%
l
XN —K -1

o}
GQ=F=—=

01

"Eleyyog Breusch-Pagan-Godfrey: O éleyyog ypnoipomrosgitot yio peydio detypoto.
Hy;ay = a, = =a, =0 vs H;: Atapop.

BPG = x2 = 22 2
2 m,a

"EdeyyocWhite: O éleyyog 1oyvet yio peydia deiypata.

Hy;aqy = a, =+ =a, =0 vs Hy: Auapopetika
W = X? = NR? Xﬁja

ZOpQove e Ta SypAUIOTO TOV PBPiocKOVTol 6To TOPaPTHUOTH EIvVal EUEOVEG OTL VTTAPYEL
TPOPANHO. ETEPOOKESAGTIKOTNTAG Ko dnpovpyeite and v logAge. Oa ypnoporombei o
éheyyoc Goldfeld-Quandt yio va espeoviotel ov  vrbpyel TPAYHOTIKG  TPOPAN L
ETEPOOKESUGTIKOTNTOG.

Y10 mpoypappo R v tov éheyyo Goldfeld-Quandt divere n evroin ggtest(fit) kot yio mv
EUPAVIOT] TOV SLOYPAUUOTOS OTVOVTOL Ol EVTOAEG

> a=mydata2Slogx
> b=mydata2Slogy
> plot(a,b,xlab="logarithmx",ylab="logarithmPy")

To GQ=5.1898<6.99 dpa amodoyn ¢ Ho. Apa, ot dtakvpdvoelg ivar iceg. Apa, eV VITAPYEL
ETEPOCKEDOGTIKOTNTOL.
> ggtest (fit)

Goldfeld-Quandt test

data: fit
GQ = 5.1898, dfl = 53, df2 = 53, p-value = 6£.9%e-09

27



Kepaiawo 9°: Pevdopetopintic

e apKeTE POVTEAN TAAVOPOUNGNG Ol TTOL0TIKEG HETAPANTEG EMNPEAlOVY TO YPOUUKS
povtéro. Ymapyovv 600 €ion petafAntov: 1) Or yevdopetafAntég 1 ot ekovikég LeTaPANTES
omov  eivor drtipeg (maipvoov tég oamo 0-1) dwott ekppalovv  mwg pio. cuyKeKPLUEVN
petafAnt maipvel Tég avapeoa og dvo enineda kot 2) Ot PevdopetafAntég ol omoieg elvan
TO10TIKEG LETOPANTES Ko EKPPELovV TIHEG TEPIoGOTEPES Omd 2 mimedal.

O yevdopetafintég Ba mpémel va yvopilovpe 0Tt 68 yevikdtepa TAAiGLO EpUNVEDOLY
Tov apOuod 1, omdTE Y10 T0 GLYKEKPIUEVO VIOSEIY A oG EVOLOPEPEL 1 peTafAntry location kot
N uetoPintn energyl .

Etvot ko o1 000 wevdouetafintéc ue o1aypovikis Emopacels.

Anhodn, n emygeipnon pe Paon v tomobecia BempnTikd pog evolapépet 010TL pumopel
oe o wOAN NG emapyiog M emiyeipnon vo €ival HOVOTTOAO £ve GTNV TPOTEHOLGA O)L.
Opoimg. yivete ko pe Tnv evépyeta.

H cuvaptmon mov yivete yua v location ivor n €€ng:
Ct = Bo + B1Xt +yD + E;
omov 10 = (0= dAAn AN ko 1 = ABnva)

Opoiwmg xat yo v energyl:
Co=PBo+ B1Ya+yDy +E,
omov 1o = (0 = Oy evépyera ko 1 = gvépyeia)

28



Eniloyog

To opéAn amd 10 Tpdypappa R givor elvar mopa moAld. Apyikd, umopel va emAdoEeL
TpoPAnHaTe 6 TOAAOVS TOUEIG OTMG 1) GTATIGTIKT], TO. LOONLOTUKO KTAT.

‘Eneira, etvon 6100éo110 dwpedy 610 KOO KOO oNnUavTiKo gival Kot 1o yeyovog 0Tt o
KkaBévag pumopel va £xel TpdoPacn 6Tov TNyoio KOSK KOl VO TOV YPNCUYLOTOWCEL 1} AKOLLOL
KoL VoL TOV PEATUDOEL.

21 ovvéyeln, to mpdypappa R pmopet va tpé€et oe S1apopovg TOTOVG LAKOD Kol
Loyiopkov. (windows, Unix, Mac k).

[ToAd onuavtikn givor kot to yeyovog 6Tt vapyet online Borbeta peta&d tov ypnotov g R
HEC® TNG KOWVMVIKNG SIKTO®ONG aAAG kol pécm Tov Aotov R. Exel o ypnotng ypaeetl v
epMTNOT OV BELEL VO KAVEL KO EVTOG ULAG DPOG EYEL ATAVINGT).

Télog, T0 R ovvoéete kot pe GALES YADGGES. Y TApYoUV TOAAG TOKETO OTTMG TOT
RODBC ta omoio dwafadet tig Pdoeig dedopévav Kot LITEpYovV Kot S1ipopa TOKETO TO OTOi0

UTOPOVV VO TEPAGOLY OESOUEVA OO SLAPOPN EUTOPIKE GTATIGTIKA TOKETA 0TS TO SAS,
SPSS, xtAm.
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To pelovéknua mov €xet to mpdypappo R elval 6t dev Aertovpyel OTmG GALLL
OTOTIOTIKA TAKETO Kot TPENEL YVOPIleL 0 ¥poTng aKpidg TIg EVTOAES OV Ba TPEMEL VoL
YPNOUOTONO0VV, Y1’ VTG TPOTILOVVTOL EUTOPIKE TOKETO GLVAOMG OOV 01 EVIOAEG divovTon
pe €va KAMK.
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> cor.test(mydatal$Profit,mydatal$ Turnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Profit and mydatal$Turnover
t = 2.5906, df = 117, p-value = 0.0108
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.05523096 0.39629285
sample estimates:
cor
0.2329111

> cor.test(mydatal$FixedAssets,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$Age
t =-0.2431, df = 117, p-value = 0.8084
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2016491 0.1581661
sample estimates:
cor
-0.02246909

> cor.test(mydatal$Profit,mydatal$ Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Profit and mydatal$Totalassets
t =4.7689, df = 117, p-value = 5.386e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2409150 0.5439169
sample estimates:
cor
0.4034169

> cor.test(mydatal$Profit,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Profit and mydatal$Location

t = 0.5466, df = 117, p-value = 0.5857

alternative hypothesis: true correlation is not equal to 0

95 percent confidence interval:
-0.1307169 0.2283870
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sample estimates:
cor
0.05046607

>cor.test(mydatal$Profit, mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Profit and mydatal$RDemployess
t=0.3075, df = 117, p-value = 0.759
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1523591 0.2073507
sample estimates:
cor
0.02841569

> cor.test(mydatal$Profit,mydatal$InnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Profit and mydatal$lnnovC
t=1.7232, df = 117, p-value = 0.0875
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.02333478 0.32802825
sample estimates:
cor
0.1573215

>cor.test(mydatal$Profit,mydatal$InvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Profit and mydatal$InvestmentC
t =5.3233, df = 117, p-value = 4.985e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2841542 0.5757966
sample estimates:
cor
0.4415652

> cor.test(mydatal$Profit,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation
data: mydatal$Profit and mydatal$Energyl

t=-0.4223, df = 117, p-value = 0.6736
alternative hypothesis: true correlation is not equal to 0
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95 percent confidence interval:
-0.2174831 0.1419778
sample estimates:

cor
-0.03901483

> cor.test(mydatal$Profit,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Profit and mydatal$Age
t =5.0793, df = 117, p-value = 1.448e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2653579 0.5620464
sample estimates:
cor
0.4250516

> cor.test(mydatal$Liabilities,mydatal$Profit,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$Profit
t =-1.2845, df = 117, p-value = 0.2015
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.29172327 0.06342214
sample estimates:
cor
-0.1179195

> cor.test(mydatal$Liabilities,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$Location
t=0.2186, df = 117, p-value = 0.8273
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1603697 0.1994792
sample estimates:
cor
0.02020923

>cor.test(mydatal$Liabilities,mydatal$Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$Totalassets
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t=2.5541, df = 117, p-value = 0.01193
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.05196241 0.39352609
sample estimates:
cor
0.2298086

>cor.test(mydatal$Liabilities,mydatal$Turnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$Turnover
t=-1.7289, df = 117, p-value = 0.08647
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.32849381 0.02281328
sample estimates:
cor
-0.1578304

> cor.test(mydatal$Liabilities,mydatal$InnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$IinnovC
t=1.027, df = 117, p-value = 0.3065
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.0869517 0.2699263
sample estimates:
cor
0.09452322

> cor.test(mydatal$Liabilities,mydatal$investmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$IinvestmentC
t=6.6102, df = 117, p-value = 1.197e-09
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.3768250 0.6412596
sample estimates:
cor
0.5214521

> cor.test(mydatal$Liabilities,mydatal$Energyl,use="everything",method="pearson")

Pearson's product-moment correlation
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data: mydatal$Liabilities and mydatal$Energyl
t=1.3687, df = 117, p-value = 0.1737
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.05571669 0.29878204
sample estimates:
cor
0.1255378

> cor.test(mydatal$Liabilities,mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$RDemployess
t =-2.0587, df = 117, p-value = 0.04175
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.355015734 -0.007214911
sample estimates:
cor
-0.1869677

> cor.test(mydatal$Liabilities,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Liabilities and mydatal$Age
t = 3.2953, df = 117, p-value = 0.001302
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.1176003 0.4479264
sample estimates:
cor
0.2914271

> cor.test(mydatal$Location,mydatal$Profit,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$Profit
t = 0.5466, df = 117, p-value = 0.5857
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1307169 0.2283870
sample estimates:
cor
0.05046607

> cor.test(mydatal$Location,mydatal$Liabilities,use="everything",method="pearson")
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Pearson's product-moment correlation

data: mydatal$Location and mydatal$Liabilities
t=0.2186, df = 117, p-value = 0.8273
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1603697 0.1994792
sample estimates:
cor
0.02020923

> cor.test(mydatal$Location,mydatal$ Turnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$Turnover
t = 1.5556, df = 117, p-value = 0.1225
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.03863171 0.31429603
sample estimates:
cor
0.1423537

cor.test(mydatal$Location,mydatal$Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$Totalassets
t =-0.9995, df = 117, p-value = 0.3196
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.26757987 0.08946113
sample estimates:
cor
-0.09201611

cor.test(mydatal$Location,mydatal$InvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$InvestmentC
t=1.1835, df =117, p-value = 0.239
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.07264868 0.28321986
sample estimates:
cor
0.1087692
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> cor.test(mydatal$Location,mydatal$InnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$lnnovC
t =0.0035, df = 117, p-value = 0.9972
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1796862 0.1803049
sample estimates:
cor
0.0003197213

> cor.test(mydatal$Location,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$Energyl
t = 13.6474, df = 117, p-value < 2.2e-16
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.7028458 0.8445573
sample estimates:
cor
0.7836966

> cor.test(mydatal$Location,mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$RDemployess
t=0.5664, df = 117, p-value = 0.5722
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1289188 0.2301198
sample estimates:
cor
0.05229009

> cor.test(mydatal$Location,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$Age

t = 0.4099, df = 117, p-value = 0.6827

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:

-0.1431066 0.2163851

sample estimates:
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cor
0.03786432

> cor.test(mydatal$ Turnover,mydatal$Profit,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$Profit
t = 2.5906, df = 117, p-value = 0.0108
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.05523096 0.39629285
sample estimates:
cor
0.2329111

> cor.test(mydatal$Turnover,mydatal$Liabilities,use="everything",method="pearson™)
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$Liabilities
t=-1.7289, df = 117, p-value = 0.08647
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.32849381 0.02281328
sample estimates:
cor
-0.1578304

> cor.test(mydatal$ Turnover,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$Location
t = 1.5556, df = 117, p-value = 0.1225
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.03863171 0.31429603
sample estimates:
cor
0.1423537

> cor.test(mydatal$Turnover,mydatal$Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$Totalassets

t=-4.7734, df = 117, p-value = 5.286e-06

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
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-0.5441837 -0.2412719
sample estimates:

cor
-0.4037342

cor.test(mydatal$Turnover,mydatal$investmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$IinvestmentC
t =1.2266, df = 117, p-value = 0.2224
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.06871519 0.28685191
sample estimates:
cor
0.112674

> cor.test(mydatal$ Turnover,mydatal$InnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$IinnovC
t=1.6733, df = 117, p-value = 0.09694
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.02788563 0.32395836
sample estimates:
cor
0.1528773

> cor.test(mydatal$ Turnover,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$Energyl
t=1.6463, df = 117, p-value = 0.1024
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.03035153 0.32174762
sample estimates:
cor
0.150466

> cor.test(mydatal$Turnover,mydatal$FixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$FixedAssets
t =5.0775, df = 117, p-value = 1.459¢-06
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alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2652205 0.5619453
sample estimates:
cor
0.4249305

> cor.test(mydatal$Location,mydatal$FixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Location and mydatal$FixedAssets
t =-0.4233, df = 117, p-value = 0.6729
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2175651 0.1418934
sample estimates:
cor
-0.03910079

> cor.test(mydatal$Turnover,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Turnover and mydatal$Age
t = 1.4404, df = 117, p-value = 0.1524
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.04916829 0.30475054
sample estimates:
cor
0.1319954

> cor.test(mydatal$Totalassets,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$Age
t=2.5222, df = 117, p-value = 0.01301
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.04909435 0.39109324
sample estimates:
cor
0.2270832

> cor.test(mydatal$Totalassets,mydatal$Profit,use="everything",method="pearson")

Pearson's product-moment correlation
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data: mydatal$Totalassets and mydatal$Profit
t=4.7689, df = 117, p-value = 5.386e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2409150 0.5439169
sample estimates:
cor
0.4034169

> cor.test(mydatal$Totalassets,mydatal$Liabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$Liabilities
t=2.5541, df = 117, p-value = 0.01193
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.05196241 0.39352609
sample estimates:
cor
0.2298086

> cor.test(mydatal$Totalassets,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$Location
t =-0.9995, df = 117, p-value = 0.3196
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.26757987 0.08946113
sample estimates:
cor
-0.09201611

> cor.test(mydatal$Totalassets,mydatal$Turnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$Turnover
t=-4.7734, df = 117, p-value = 5.286e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.5441837 -0.2412719
sample estimates:
cor
-0.4037342

> cor.test(mydatal$Totalassets,mydatal$InvestmentC,use="everything",method="pearson")
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Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$investmentC
t = 5.4058, df = 117, p-value = 3.456e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2904199 0.5803438
sample estimates:
cor
0.4470464

> cor.test(mydatal$Totalassets,mydatal$InnOVC,use="everything",method="pearson")

Error in cor.test.default(mydatal$ Totalassets, mydatal$InnOVC, use = "everything", :
X' and 'y' must have the same length

> cor.test(mydatal$Totalassets,mydatal$IinnovC,use="everything",method="pearson")

Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$innovC
t=0.0814, df = 117, p-value = 0.9353
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1727048 0.1872666
sample estimates:
cor
0.007524643

> cor.test(mydatal$ Totalassets,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$Energyl
t =-0.6583, df = 117, p-value = 0.5117
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2381348 0.1205709
sample estimates:
cor
-0.06074291

> cor.test(mydatal$Totalassets,mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$RDemployess
t =-2.8491, df = 117, p-value = 0.005182

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:

-0.41564919 -0.07830419

sample estimates:
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cor
-0.2547098

> cor.test(mydatal$Totalassets,mydatal$FixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$FixedAssets
t =-4.1035, df = 117, p-value = 7.558e-05
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.5026087 -0.1866213
sample estimates:
cor
-0.3547021

> cor.test(mydatal$Totalassets,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Totalassets and mydatal$Age
t=2.5222, df = 117, p-value = 0.01301
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.04909435 0.39109324
sample estimates:
cor
0.2270832

> cor.test(mydatal$investmentC,mydatal$Profit,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$Profit
t =5.3233, df = 117, p-value = 4.985e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2841542 0.5757966
sample estimates:
cor
0.4415652

> cor.test(mydatal$investmentC,mydatal$Liabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$investmentC and mydatal$Liabilities

t=6.6102, df = 117, p-value = 1.197e-09

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:

151



0.3768250 0.6412596
sample estimates:

cor
0.5214521

> cor.test(mydatal$InvestmentC,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$Location
t=1.1835, df = 117, p-value = 0.239
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.07264868 0.28321986
sample estimates:
cor
0.1087692

> cor.test(mydatal$InvestmentC,mydatal$Turnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$Turnover
t=1.2266, df = 117, p-value = 0.2224
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.06871519 0.28685191
sample estimates:
cor
0.112674

> cor.test(mydatal$investmentC,mydatal$ Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$Totalassets
t = 5.4058, df = 117, p-value = 3.456e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2904199 0.5803438
sample estimates:
cor
0.4470464

> cor.test(mydatal$investmentC,mydatal$innovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$innovC
t=0.5193, df = 117, p-value = 0.6045
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alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1331886 0.2260014
sample estimates:
cor
0.04795666

> cor.test(mydatal$InvestmentC,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$Energyl
t=0.3317, df = 117, p-value = 0.7407
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1501685 0.2094953
sample estimates:
cor
0.03065568

>
cor.test(mydatal$InvestmentC,mydatal$RDemployess,use="everything",method="pearson")

Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$RDemployess
t =-3.5144, df = 117, p-value = 0.0006277
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.4632366 -0.1366087
sample estimates:
cor
-0.3090061

> cor.test(mydatal$investmentC,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InvestmentC and mydatal$Age
t =8.6238, df = 117, p-value = 3.686e-14
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.4994364 0.7223353
sample estimates:
cor
0.6233913

> cor.test(mydatal$InvestmentC,mydatal$FixedAssets,use="everything",method="pearson")

Pearson's product-moment correlation

153



data: mydatal$InvestmentC and mydatal$FixedAssets
t=-1.0229, df = 117, p-value = 0.3084
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.26957768 0.08732484
sample estimates:
cor
-0.09415058

> cor.test(mydatal$InnovC,mydatal$Profit,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InnovC and mydatal$Profit
t=1.7232, df = 117, p-value = 0.0875
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.02333478 0.32802825
sample estimates:
cor
0.1573215

> cor.test(mydatal$InnovC,mydatal$Liabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$lnnovC and mydatal$Liabilities
t=1.027, df = 117, p-value = 0.3065
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.0869517 0.2699263
sample estimates:
cor
0.09452322

> cor.test(mydatal$lnnovC,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$lnnovC and mydatal$Location
t=0.0035, df = 117, p-value = 0.9972
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1796862 0.1803049
sample estimates:
cor
0.0003197213

> cor.test(mydatal$InnovC,mydatal$ Turnover,use="everything",method="pearson")
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Pearson's product-moment correlation

data: mydatal$lnnovC and mydatal$Turnover
t=1.6733, df = 117, p-value = 0.09694
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.02788563 0.32395836
sample estimates:
cor
0.1528773

> cor.test(mydatal$InnovC,mydatal$Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InnovC and mydatal$Totalassets
t=0.0814, df = 117, p-value = 0.9353
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1727048 0.1872666
sample estimates:
cor
0.007524643

> cor.test(mydatal$InnovC,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InnovC and mydatal$Energyl
t =-0.0473, df = 117, p-value = 0.9624
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1842201 0.1757643
sample estimates:
cor
-0.00436948

> cor.test(mydatal$InnovC,mydatal$investmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InnovC and mydatal$investmentC
t=0.5193, df = 117, p-value = 0.6045
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1331886 0.2260014
sample estimates:
cor
0.04795666
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> cor.test(mydatal$InnovC,mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$innovC and mydatal$RDemployess
t=1.0138, df = 117, p-value = 0.3127
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.08815557 0.26880116
sample estimates:
cor
0.09332076

> cor.test(mydatal$InnovC,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InnovC and mydatal$Age
t =-0.2654, df = 117, p-value = 0.7912
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2036255 0.1561560
sample estimates:
cor
-0.02452899

> cor.test(mydatal$InnovC,mydatal$FixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$InnovC and mydatal$FixedAssets
t=0.0381, df = 117, p-value = 0.9696
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1765823 0.1834044
sample estimates:
cor
0.003525272

> cor.test(mydatal$RDemployess,mydatal$Profit,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$RDemployess and mydatal$Profit

t =0.3075, df =117, p-value = 0.759

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:

-0.1523591 0.2073507

sample estimates:
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cor
0.02841569

> cor.test(mydatal$RDemployess,mydatal$Liabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$RDemployess and mydatal$Liabilities
t=-2.0587, df = 117, p-value = 0.04175
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.355015734 -0.007214911
sample estimates:
cor
-0.1869677

> cor.test(mydatal$RDemployess,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$RDemployess and mydatal$Location
t=0.5664, df = 117, p-value = 0.5722
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1289188 0.2301198
sample estimates:
cor
0.05229009

>
cor.test(mydatal$RDemployess,mydatal$InvestmentC,use="everything",method="pearson")

Pearson's product-moment correlation

data: mydatal$RDemployess and mydatal$investmentC
t =-3.5144, df = 117, p-value = 0.0006277
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.4632366 -0.1366087
sample estimates:
cor
-0.3090061

> cor.test(mydatal$RDemployess,mydatal$InnOVC,use="everything",method="pearson")

Error in cor.test.default(mydatal$RDemployess, mydatal$InnOVC, use = "everything", :
X" and 'y' must have the same length

> cor.test(mydatal$RDemployess,mydatal$InnovC,use="everything",method="pearson")

Pearson's product-moment correlation
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data: mydatal$RDemployess and mydatal$innovC
t=1.0138, df = 117, p-value = 0.3127
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.08815557 0.26880116
sample estimates:
cor
0.09332076

> cor.test(mydatal$RDemployess,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$RDemployess and mydatal$Energyl
t=0.6704, df = 117, p-value = 0.5039
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1194626 0.2391953
sample estimates:
cor
0.06186317

> cor.test(mydatal$RDemployess,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$RDemployess and mydatal$Age
t =-1.7458, df = 117, p-value = 0.08347
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.32987413 0.02126596
sample estimates:
cor
-0.1593395

> cor.test(mydatal$RDemployess,mydatal$FixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$RDemployess and mydatal$FixedAssets
t=1.9699, df = 117, p-value = 0.05121
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.000848599 0.347948329
sample estimates:
cor
0.1791743

> cor.test(mydatal$Energyl,mydatal$Profit,use="everything",method="pearson")
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Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$Profit
t=-0.4223, df = 117, p-value = 0.6736
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2174831 0.1419778
sample estimates:
cor
-0.03901483

> cor.test(mydatal$Energyl,mydatal$Liabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$Liabilities
t=1.3687, df = 117, p-value = 0.1737
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.05571669 0.29878204
sample estimates:
cor
0.1255378

> cor.test(mydatal$Energyl,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$Location
t = 13.6474, df = 117, p-value < 2.2e-16
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.7028458 0.8445573
sample estimates:
cor
0.7836966

> cor.test(mydatal$Energyl,mydatal$ Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$Totalassets
t =-0.6583, df = 117, p-value = 0.5117
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2381348 0.1205709
sample estimates:
cor
-0.06074291
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> cor.test(mydatal$Energyl,mydatal$Turnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$Turnover
t=1.6463, df = 117, p-value = 0.1024
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.03035153 0.32174762
sample estimates:
cor
0.150466

> cor.test(mydatal$Energyl,mydatal$InnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$innovC
t=-0.0473, df = 117, p-value = 0.9624
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1842201 0.1757643
sample estimates:
cor
-0.00436948

> cor.test(mydatal$Energyl,mydatal$InvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$InvestmentC
t=0.3317, df = 117, p-value = 0.7407
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1501685 0.2094953
sample estimates:
cor
0.03065568

> cor.test(mydatal$Energyl,mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$RDemployess
t=0.6704, df = 117, p-value = 0.5039
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1194626 0.2391953
sample estimates:

cor
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0.06186317
> cor.test(mydatal$Energyl,mydatal$Age,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$Age
t =-0.2537, df = 117, p-value = 0.8002
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2025846 0.1572150
sample estimates:
cor
-0.02344391

> cor.test(mydatal$Energyl,mydatal$FixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Energyl and mydatal$FixedAssets
t=-0.272, df = 117, p-value = 0.7861
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2042068 0.1555642
sample estimates:
cor
-0.02513514

> cor.test(mydatal$Age, mydatal$Profit,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$Profit
t =5.0793, df = 117, p-value = 1.448e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2653579 0.5620464
sample estimates:
cor
0.4250516

> cor.test(mydatal$Age,mydatal$Liabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$Liabilities

t = 3.2953, df = 117, p-value = 0.001302

alternative hypothesis: true correlation is not equal to 0

95 percent confidence interval:
0.1176003 0.4479264
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sample estimates:
cor
0.2914271

> cor.test(mydatal$Age,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$Location
t = 0.4099, df = 117, p-value = 0.6827
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1431066 0.2163851
sample estimates:
cor
0.03786432

> cor.test(mydatal$Age, mydatal$investmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$investmentC
t =8.6238, df = 117, p-value = 3.686e-14
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.4994364 0.7223353
sample estimates:
cor
0.6233913

> cor.test(mydatal$Age,mydatal$IinnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$innovC
t = -0.2654, df = 117, p-value = 0.7912
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2036255 0.1561560
sample estimates:
cor
-0.02452899

> cor.test(mydatal$Age,mydatal$Turnover,use="everything",method="pearson")
Pearson's product-moment correlation
data: mydatal$Age and mydatal$Turnover

t = 1.4404, df = 117, p-value = 0.1524
alternative hypothesis: true correlation is not equal to 0
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95 percent confidence interval:
-0.04916829 0.30475054
sample estimates:

cor
0.1319954

> cor.test(mydatal$Age, mydatal$Totalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$Totalassets
t=2.5222, df = 117, p-value = 0.01301
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.04909435 0.39109324
sample estimates:
cor
0.2270832

> cor.test(mydatal$Age,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$Energyl
t =-0.2537, df = 117, p-value = 0.8002
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2025846 0.1572150
sample estimates:
cor
-0.02344391

> cor.test(mydatal$Age,mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$RDemployess
t=-1.7458, df = 117, p-value = 0.08347
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.32987413 0.02126596
sample estimates:
cor
-0.1593395

> cor.test(mydatal$Age, mydatal$FixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$Age and mydatal$FixedAssets
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t=-0.2431, df = 117, p-value = 0.8084
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2016491 0.1581661
sample estimates:
cor
-0.02246909

> cor.test(mydatal$FixedAssets,mydatal,use="everything",method="pearson")
Error in cor.test.default(mydatal$FixedAssets, mydatal, use = "everything", :
X" and 'y' must have the same length
> cor.test(mydatal$FixedAssets,mydatal$Profit,use="everything",method="pearson")

Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$Profit
t =0.1502, df = 117, p-value = 0.8809
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1665277 0.1933963
sample estimates:
cor
0.01388403

> cor.test(mydatal$FixedAssets,mydatal$Liabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$Liabilities
t =-0.5058, df = 117, p-value = 0.6139
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2248196 0.1344113
sample estimates:
cor
-0.04671443

> cor.test(mydatal$FixedAssets,mydatal$Location,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$Location
t =-0.4233, df = 117, p-value = 0.6729
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2175651 0.1418934
sample estimates:
cor
-0.03910079
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> cor.test(mydatal$FixedAssets,mydatal$InvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$investmentC
t=-1.0229, df = 117, p-value = 0.3084
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.26957768 0.08732484
sample estimates:
cor
-0.09415058

> cor.test(mydatal$FixedAssets,mydatal$InnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$innovC
t =0.0381, df = 117, p-value = 0.9696
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1765823 0.1834044
sample estimates:
cor
0.003525272

> cor.test(mydatal$FixedAssets,mydatal$Energyl,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$Energyl
t=-0.272, df = 117, p-value = 0.7861
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2042068 0.1555642
sample estimates:
cor
-0.02513514

> cor.test(mydatal$FixedAssets,mydatal$RDemployess,use="everything",method="pearson")
Pearson's product-moment correlation

data: mydatal$FixedAssets and mydatal$RDemployess

t=1.9699, df = 117, p-value = 0.05121

alternative hypothesis: true correlation is not equal to 0

95 percent confidence interval:
-0.000848599 0.347948329
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Xvoyétion pe Aoydpiouo

Pearson's product-moment correlation

data: logProfit and logEnergyl

t = NaN, df = 117, p-value = NA

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:

NaN NaN

sample estimates:

cor

NaN

> cor.test(logProfit,logLiabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: logProfit and logLiabilities
t=-1.6366, df = 117, p-value = 0.1044
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.32095350 0.03123626
sample estimates:
cor
-0.1496004

> cor.test(logProfit,logTurnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: logProfit and logTurnover
t=5.0112, df = 117, p-value = 1.94e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2600418 0.5581275
sample estimates:
cor
0.4203617

> cor.test(logProfit, logTotalassets,use="everything",method="pearson")

Pearson's product-moment correlation
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data: logProfit and logTotalassets
t =2.2755, df = 117, p-value = 0.02469
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.02686615 0.37207450
sample estimates:
cor
0.2058662

> cor.test(logProfit,logInnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logProfit and loginnovC
t=0.6974, df = 117, p-value = 0.4869
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1170066 0.2415422
sample estimates:
cor
0.06434407

> cor.test(logProfit,logInvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logProfit and loglnvestmentC
t =5.0984, df = 117, p-value = 1.333e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2668406 0.5631371
sample estimates:
cor
0.4263581

> cor.test(logProfit,logAge,use="everything",method="pearson")
Pearson's product-moment correlation

data: logProfit and logAge
t =5.2525, df = 117, p-value = 6.812e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2787378 0.5718512
sample estimates:
cor
0.4368176

> cor.test(logProfit, logFixedAssets,use="everything",method="pearson")
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Pearson's product-moment correlation

data: logProfit and logFixedAssets
t=-0.1179, df = 117, p-value = 0.9064
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1905177 0.1694320
sample estimates:
cor
-0.0108958

> cor.test(logL.iabilities,logProfit,use="everything",method="pearson")
Pearson's product-moment correlation

data: logLiabilities and logProfit
t=-1.6366, df = 117, p-value = 0.1044
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.32095350 0.03123626
sample estimates:
cor
-0.1496004

> cor.test(logLiabilities,logTurnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: logLiabilities and logTurnover
t =-2.3941, df = 117, p-value = 0.01825
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.3812724 -0.0375738
sample estimates:
cor
-0.2161078

> cor.test(logLiabilities,logTotalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logLiabilities and logTotalassets
t=4.4276, df = 117, p-value = 2.154e-05
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2133787 0.5231484
sample estimates:
cor
0.3788247
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> cor.test(logLiabilities,loginnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logLiabilities and loginnovC
t =1.6666, df = 117, p-value = 0.09827
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.02849785 0.32340986
sample estimates:
cor
0.1522788

> cor.test(logL.iabilities,loglnvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logLiabilities and loglnvestmentC
t=8.6874, df = 117, p-value = 2.62e-14
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.5028786 0.7245264
sample estimates:
cor
0.6261937

> cor.test(logLiabilities,logAge,use="everything",method="pearson")
Pearson's product-moment correlation

data: logLiabilities and logAge
t =3.3294, df = 117, p-value = 0.001164
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.1205726 0.4503333
sample estimates:
cor
0.2941837

> cor.test(logLiabilities,logFixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logLiabilities and logFixedAssets

t =-0.5987, df = 117, p-value = 0.5506

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:

-0.2329400 0.1259873

sample estimates:
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cor
-0.05526145

> cor.test(logTurnover,logProfit,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTurnover and logProfit
t=5.0112, df = 117, p-value = 1.94e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2600418 0.5581275
sample estimates:
cor
0.4203617

> cor.test(logTurnover,logLiabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTurnover and logLiabilities
t=-2.3941, df = 117, p-value = 0.01825
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.3812724 -0.0375738
sample estimates:
cor
-0.2161078

> cor.test(logTurnover,logTotalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTurnover and logTotalassets
t =-4.5307, df = 117, p-value = 1.427e-05
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.5295142 -0.2217669
sample estimates:
cor
-0.3863409

> cor.test(logTurnover,loginnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTurnover and loginnovC

t = 1.3445, df = 117, p-value = 0.1814

alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
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-0.05792752 0.29676071
sample estimates:

cor
0.1233542

> cor.test(logTurnover,loglnvestementC,use="everything",method="pearson")

Error in cor.test.default(logTurnover, loginvestementC, use = "everything”, :
object 'loginvestementC' not found

> cor.test(logTurnover,loginvestemntC,use="everything",method="pearson")

Error in cor.test.default(logTurnover, loginvestemntC, use = "everything", :
object 'loginvestemntC' not found

> cor.test(logTurnover,loginvestmentC,use="everything",method="pearson")

Pearson's product-moment correlation

data: logTurnover and loglnvestmentC
t =1.0215, df = 117, p-value = 0.3091
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.08745434 0.26945665
sample estimates:
cor
0.09402123

> cor.test(logTurnover,logAge,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTurnover and logAge
t =1.8378, df = 117, p-value = 0.06862
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.01287638 0.33733219
sample estimates:
cor
0.1675074

> cor.test(logTurnover,logFixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTurnover and logFixedAssets
t = 3.4883, df = 117, p-value = 0.0006859
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.1343515 0.4614287
sample estimates:
cor
0.3069248
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> cor.test(logTotalassets,logProfit,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTotalassets and logProfit
t=2.2755, df = 117, p-value = 0.02469
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.02686615 0.37207450
sample estimates:
cor
0.2058662

> cor.test(logTotalassets,logLiabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTotalassets and logL.iabilities
t =4.4276, df = 117, p-value = 2.154e-05
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2133787 0.5231484
sample estimates:
cor
0.3788247

> cor.test(logTotalassets,logTurnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTotalassets and logTurnover
t=-4.5307, df = 117, p-value = 1.427e-05
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.5295142 -0.2217669
sample estimates:
cor
-0.3863409

> cor.test(logTotalassets,loglnvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTotalassets and loglnvestmentC
t =5.5105, df = 117, p-value = 2.161e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2983101 0.5860443
sample estimates:
cor
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0.453932
> cor.test(logTotalassets,logInnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTotalassets and loglinnovC
t=2.7117, df = 117, p-value = 0.007703
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.06606659 0.40542087
sample estimates:
cor
0.2431704

> cor.test(logTotalassets,logAge,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTotalassets and logAge
t = 1.856, df = 117, p-value = 0.06597
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.01122272 0.33879706
sample estimates:
cor
0.1691144

> cor.test(logTotalassets,logFixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logTotalassets and logFixedAssets
t=-4.6167, df = 117, p-value = 1.007e-05
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.5347634 -0.2287182
sample estimates:
cor
-0.392553

> cor.test(loglnvestmentC,logFixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnvestmentC and logFixedAssets

t=-1.4809, df = 117, p-value = 0.1413

alternative hypothesis: true correlation is not equal to 0

95 percent confidence interval:
-0.30811265 0.04546606
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sample estimates:
cor
-0.1356395

> cor.test(loglnvestmentC,logProfit,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnvestmentC and logProfit
t =5.0984, df = 117, p-value = 1.333e-06
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2668406 0.5631371
sample estimates:
cor
0.4263581

> cor.test(loglnvestmentC,logLiabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnvestmentC and logL.iabilities
t =8.6874, df = 117, p-value = 2.62e-14
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.5028786 0.7245264
sample estimates:
cor
0.6261937

> cor.test(loglnvestmentC,logInnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnvestmentC and loginnovC
t =-0.185, df = 117, p-value = 0.8536
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1964881 0.1634011
sample estimates:
cor
-0.01709728

> cor.test(loglnvestmentC,logTurnover,use="everything",method="pearson")
Pearson's product-moment correlation
data: loglnvestmentC and logTurnover

t=1.0215, df = 117, p-value = 0.3091
alternative hypothesis: true correlation is not equal to 0
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95 percent confidence interval:
-0.08745434 0.26945665
sample estimates:

cor
0.09402123

> cor.test(logInvestmentC,logTotalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnvestmentC and logTotalassets
t =5.5105, df = 117, p-value = 2.161e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2983101 0.5860443
sample estimates:
cor
0.453932

> cor.test(loglnvestmentC,logAge,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnvestmentC and logAge
t =6.8238, df = 117, p-value = 4.16e-10
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.3911276 0.6510314
sample estimates:
cor
0.5335599

> cor.test(loglnnovC,logAge,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnnovC and logAge
t=-0.2173, df = 117, p-value = 0.8283
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1993637 0.1604868
sample estimates:
cor
-0.02008905

> cor.test(loglnnovC,logFixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: loginnovC and logFixedAssets
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t=0.3313, df = 117, p-value = 0.741
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1502044 0.2094601
sample estimates:
cor
0.03061893

> cor.test(loglnnovC,logProfit,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnnovC and logProfit
t=0.6974, df = 117, p-value = 0.4869
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1170066 0.2415422
sample estimates:
cor
0.06434407

> cor.test(loglnnovC,logLiabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: loginnovC and logLiabilities
t=1.6666, df = 117, p-value = 0.09827
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.02849785 0.32340986
sample estimates:
cor
0.1522788

> cor.test(loglnnovC,logTurnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnnovC and logTurnover
t = 1.3445, df = 117, p-value = 0.1814
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.05792752 0.29676071
sample estimates:
cor
0.1233542

> cor.test(loglnnovC,logTotalassets,use="everything",method="pearson")

Pearson's product-moment correlation
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data: loglnnovC and logTotalassets
t=2.7117, df = 117, p-value = 0.007703
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.06606659 0.40542087
sample estimates:
cor
0.2431704

> cor.test(loglnnovC,loglnvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: loglnnovC and loginvestmentC
t=-0.185, df = 117, p-value = 0.8536
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1964881 0.1634011
sample estimates:
cor
-0.01709728

> cor.test(logAge,logProfit,use="everything",method="pearson")
Pearson's product-moment correlation

data: logAge and logProfit
t =5.2525, df = 117, p-value = 6.812e-07
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.2787378 0.5718512
sample estimates:
cor
0.4368176

> cor.test(logAge,logLiabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: logAge and logLiabilities
t =3.3294, df = 117, p-value = 0.001164
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.1205726 0.4503333
sample estimates:
cor
0.2941837

> cor.test(logAge,loglnnovC,use="everything",method="pearson")
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Pearson's product-moment correlation

data: logAge and loginnovC
t=-0.2173, df = 117, p-value = 0.8283
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1993637 0.1604868
sample estimates:
cor
-0.02008905

> cor.test(logAge,loginnvestmentC,use="everything",method="pearson")

Error in cor.test.default(logAge, loginnvestmentC, use = "everything", :
object 'loglnnvestmentC' not found

> cor.test(logAge,loginvestmentC,use="everything",method="pearson")

Pearson's product-moment correlation

data: logAge and loglnvestmentC
t =6.8238, df = 117, p-value = 4.16e-10
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
0.3911276 0.6510314
sample estimates:
cor
0.5335599

> cor.test(logAge,logTurnover,use="everything",method="pearson")
Pearson's product-moment correlation

data: logAge and logTurnover
t=1.8378, df = 117, p-value = 0.06862
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.01287638 0.33733219
sample estimates:
cor
0.1675074

> cor.test(logAge,logTotalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logAge and logTotalassets

t = 1.856, df = 117, p-value = 0.06597

alternative hypothesis: true correlation is not equal to 0

95 percent confidence interval:
-0.01122272 0.33879706
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sample estimates:
cor
0.1691144

> cor.test(logAge,logFixedAssets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logAge and logFixedAssets
t =-0.4375, df = 117, p-value = 0.6625
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2188207 0.1406014
sample estimates:
cor
-0.04041703

> cor.test(logFixedAssets,logProfit,use="everything",method="pearson")
Pearson's product-moment correlation

data: logFixedAssets and logProfit
t=-0.1179, df = 117, p-value = 0.9064
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.1905177 0.1694320
sample estimates:
cor
-0.0108958

> cor.test(logFixedAssets,logLiabilities,use="everything",method="pearson")
Pearson's product-moment correlation

data: logFixedAssets and logLiabilities
t =-0.5987, df = 117, p-value = 0.5506
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2329400 0.1259873
sample estimates:
cor
-0.05526145

> cor.test(logFixedAssets,logTurnover,use="everything",method="pearson")
Pearson's product-moment correlation
data: logFixedAssets and logTurnover

t = 3.4883, df = 117, p-value = 0.0006859
alternative hypothesis: true correlation is not equal to 0
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95 percent confidence interval:
0.1343515 0.4614287
sample estimates:
cor
0.3069248

> cor.test(logFixedAssets,logTotalassets,use="everything",method="pearson")
Pearson's product-moment correlation

data: logFixedAssets and logTotalassets
t=-4.6167, df = 117, p-value = 1.007e-05
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.5347634 -0.2287182
sample estimates:
cor
-0.392553

> cor.test(logFixedAssets,logAge,use="everything",method="pearson")
Pearson's product-moment correlation

data: logFixedAssets and logAge
t =-0.4375, df = 117, p-value = 0.6625
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.2188207 0.1406014
sample estimates:
cor
-0.04041703

> cor.test(logFixedAssets,loglnnovC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logFixedAssets and loglnnovC

t=0.3313, df = 117, p-value = 0.741

alternative hypothesis: true correlation is not equal to 0

95 percent confidence interval:

-0.1502044 0.2094601

sample estimates:
cor

0.03061893

> cor.test(logFixedAssets,loglnvestmentC,use="everything",method="pearson")
Pearson's product-moment correlation

data: logFixedAssets and loginvestmentC
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t =-1.4809, df = 117, p-value = 0.1413
alternative hypothesis: true correlation is not equal to 0
95 percent confidence interval:
-0.30811265 0.04546606
sample estimates:
cor
-0.1356395

AloKpiveTe ApKETA KOAT CLGYETION G GYXECN LE TNV OPYLKT] OTOTE TPOYMPOVIE GE TOALUTAN
YPOLLUKT TOAVOPOLUGN.
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